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Abstract

In this paper, the reconstruction of discrete signals in sampling theorem is introduced, and a li-
near and logistic regression model based on Sinc function is proposed. In order to minimize the
mean square error of the regression function, Sinc function is designed in the independent varia-
ble domain of data, and then the regression curve is reconstructed directly. On the basis of the li-
near and logistic regression model based on Sinc function and the algorithm analysis, a sufficient
simulation experiment is carried out. And compared with the traditional linear regression, re-
gression algorithm based on Sinc function has obvious advantages when the regression function is
not obvious. Finally, the linear regression algorithm based on Sinc function is succeeding to pre-
dict the monthly minimum temperature.
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Figure 1. Sampling process
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Figure 2. Obtain the frequency domain function by the
low pass filter
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Figure 3. Time domain reconstruction
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Figure 6. Data rotated 60°
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Table 1. The comparison of two algorithms
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Figure 11. Sinc linear regression test
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Figure 14. Sinc logistic regression
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