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Abstract

Traditional movie recommendation algorithms based on user score data have some problems,
such as sparse data and false score information, which cannot really and effectively express user
interest. User comments, as an effective carrier of information from users’ interests and opinions,
can quantify the product features through mining, analyzing and commenting information, and
achieve personalized recommendation effect. Site review analysis of text information based on
feature film recommended to the users in time according to the user history information analysis.
User interest recommendation algorithm is proposed for expanding fusion sentiment analysis and
LDA topic model features personalized selection keywords combined with TF-IDF weight item
keywords and the characteristics development; the positive rate of sentiment analysis combined
with topic comment expands the feature vector for item similarity calculation; the user is inter-
ested in the high similarity of the product as the recommended items list recommended. Experi-
ments show that the proposed method improves the accuracy of recommendation.
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Figure 1. Three layer Bayesian network model diagram of LDA
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Table 1. Part of films’ information

F 1. MOBEER

1D Movie_id Movie_name Comments Rate
1 26260853 S5 8L BT I 8(HE I Kk 8(H) 353,869 7.4
2 1292213 B 23 2/55 R K X F il 262,669 9.2
3 10574468 Jb a8 b P /26 AT G0 e v e 129,491 72

Table 2. Part of users’ information
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4 op [ R 1292213 A — B I T R 22 5
5 W p A 10574468 IRIE &1 = BUE NEE R E . ey R 5
6 JBEH 4 10574468 IRIRBR I Z A, PR E0 S ISk 5
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Figure 2. Recommended precision under different recommended lengths
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Figure 3. Recommended recall under different recommended lengths
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