Computer Science and Application HE Rl % 5/, 2018, 8(8), 1147-1152 Hans Y
Published Online August 2018 in Hans. http://www.hanspub.org/journal/csa
https://doi.org/10.12677/csa.2018.88126

Personalized Product Recommendation
of Commercial Banks Based
on Association Rules

Lijuan Wang, Tieyuan Sun

College of Economics and Management, Beijing University of Chemical Technology, Beijing
Email: sheltin@163.com

Received: Jul. 10", 2018; accepted: Jul. 23", 2018; published: Jul. 31%, 2018

Abstract

Customers are the core competitiveness of commercial banks. This paper analyzes the actual de-
mands of commercial banks. The design specification is completed based on unified modeling lan-
guage. A personal customer relationship management prototype system has been developed using
the object-oriented method. In this system, association rules algorithm is applied to product rec-
ommendation, so as to achieve precise marketing and personalized service.
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Figure 1. The use case model of system
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Figure 2. Main class model
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Figure 3. Product recommendation sequence diagram based on customer classification
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Figure 4. Product recommendation based on association rules
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