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Abstract

The research of heat evolution of network events is the basis of public opinion monitoring. How-
ever, the existing research methods of network event heat mainly use the method of text
processing to classify the information on the network, so as to conduct heat analysis of individual
events, ignoring the correlation between events and events. This paper presents a method of
modeling the evolution trend of network event groups based on the degree of difference. In this
method, the heat evolution maps of multiple correlated events are pan scaled and projected into
the same timeline space. The incident information is added and the matrix center is continuously
updated. The objective function is minimized to find the heat evolution curve of the event group
with the smallest difference degree. Experiments show that the evolution of the event group de-
rived from this method can better reflect the uniform development characteristics of each event.
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Table 1. Network event groups and event lists
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Figure 1. Heat evolution map of event
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Figure 2. The heat evolution map of the violent terrorist
event group
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