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Abstract

Civil aviation radiotelephony communication is the main way for pilots and controllers to conduct
voice communication. It is the information carrier that the controller commands to send and re-
spond to the pilot's instructions. Pilots’ understanding the order correctly by controllers is signif-
icant for the safety of civil aviation transportation. Using the deep learning method to perform
automatic semantic verification in civil aviation radiotelephony communication can timely dis-
cover the contents of the pilot's read-back errors. Considering that training an effect automatic
semantic verification model needs a lot of text data, this paper proposed a method of text genera-
tion in civil aviation radiotelephony communication using Generative Adversarial Network. First,
the existing texts in civil aviation radiotelephony communication are classified and converted into
one-hot vectors. Second, the new texts in civil aviation radiotelephony communication are gener-
ated based on the seq GAN model. And we compare the training effect of network based on differ-
ent parameters. Finally, the generated texts are removed, which do not meet the grammar rules in
civil aviation radiotelephony communication. This paper compared the effects of network training
under different parameter selections. Experiment shows that GAN can be used to generate texts
that comply with the civil aviation radiotelephony communication’s rules.
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Figure 1. The GAN model of civil aviation radiotelephony communication
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Figure 2. The Nll-test value results of different training policy
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Figure 3. The EmbSim value results of different training policy
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