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Abstract

In order to solve the problem that the names of data items in the operational environment were
similar but not easy to distinguish in the process of data acquisition, with wide varieties and not
easy to aggregate. Four Kkinds of data items often appeared in the operational environment: envi-
ronmental documents, environmental data, natural environment and assembly area were taken as
examples. This paper used SOM neural network to classify the duplicate names of data items. It
was verified by an example. The results show that environmental documents, environmental data
and natural environment belong to one category, while the assembly area belongs to another cat-

egory.
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Figure 1. The general structure of SOM neural network
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Figure 2. Word segmentation
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Figure 3. Euclidean distance between different neurons
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Figure 4. Competition winning neurons (blue)
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Table 1. The clustering results of SOM network
% 1. SOM WERALLR

%% BRLER

T, T, 7 T

10 3 . :

30 | 26 ) :

50 | iy ; ;
100 55 y 1 -
200 3 1 1 )
500 6 N 1 o
1000 3 6 1 )

1 SOM W& % 21050 10 200, BMEARSET, T, T, T, IR —MRERE B—2: 24 SOM 45
1P 300 504 100, 200, 500, 1000 BB, FEALT,T,,T,,T, T MERFEFE B B2, HEM
FAR—HET, WTULEHBEE SOM ML 5 SDBURWIGIN, FEARSE T I8 — AR I 28 R 1

4. R 5HAA

—RXTA, A A2 T R A B R A R A R LB AR, B AR A
FHARI F i AR 2 e S R B B TR 2 BRI BRI, U I ) LA S 10044 PR AT T R
FLAARE R T RR ER B B AR

T SOM FPZE 2% (R ST ST D B N 2% (R B VA SRR RS, AR 10 YR SR RR AU AT LUK R
AL DNREARTE 2T, R L BN BT

=% SOM L MR AF A ST I 7 M A 2K, ZIE AR S N &, a3, it irddk
FEHE R, J5 SR LLAASC I FERR RO AE R, 3t — 2D as Rt e Sus I BR AT IR, o pr A
s DB R AR R AR SR ANRL SR DBl R B 1 6 RS R AT B e S A

SEHEk
[11 =W, 2%, B2 mrfES N 8dE TR T EYIIR]. BT, 2016(1): 10-14.

[2] HBEHZBYS SOM B2 I 2% 1) SEEL[EB/OLY].
https://wenku.baidu.com/view/313¢42f29b89680203d825bf.html

[3] 2R, LEE, #H, W ET/NEES SOM MM 4% (144 A WSS Wi [0]. A& B AR 24, 2017,
30(7): 1035-1039.

[4] EHEEFD, mWT, ERKEE. BT SOM #h& M IR sl S Al B L], SIS R, 2015, 34(23): 51-53.
51wl B, W2, &b MRS A B TR WO EYIRT]. BT, 2016(1): 10-14.

[

[6] FEBL XML HARTEEFE B RAEE A A A IS R[], AR T, 2013, 12(2): 106-107.
[7] Z50d, #EiE, BRIP4, EHEERRGEERBART[I]. HEVSEF LR, 2015, 43(7): 1266-1268.
[8] #u¥E7 i &% HAFF[EB/OLY. https://yq.aliyun.com/ziliao/445060, 2018-09-06

9] #dE. FdEoaE. FoORD. kX R EFF[EB/OL).

https://blog.csdn.net/qq 31442743 /article/details/79868242, 2018-04-09.

[10] #4E25AEB/OL].
https://baike.baidu.com/item/%E6%95%B0%E6%8D%AE%E7%B1%BB%E5%9E%8B/109979642fr=aladdin

[11] RERE=RBE L. 2K 5 MATLABT SEEM]. dbat: 7ol ik, 2005: 231-255.

DOI: 10.12677/csa.2019.92046 418 HEHUR 25 5


https://doi.org/10.12677/csa.2019.92046
https://wenku.baidu.com/view/313c42f29b89680203d825bf.html
https://yq.aliyun.com/ziliao/445060
https://blog.csdn.net/qq_31442743/article/details/79868242
https://baike.baidu.com/item/%E6%95%B0%E6%8D%AE%E7%B1%BB%E5%9E%8B/10997964?fr=aladdin

T4, BCR

[12]
[13]
[14]

[15]

[16]

[17]

[18]

Tk, MATLAB #£: RI48 N WM. JEET: HUBE Tk 4L, 2008: 50-77.

Kroenke, D.M. #(#ff & J5 H#[M]. {54 K52 H R *E, 2008: 55-60.

R, BLAL, A, TR BARES A ML SOM TR KB 12 . FH[EB/OL).
http://www.doc88.com/p-3197646681022.html

g, XIVT, 2546, MRl T Kohonen H 204 5% 4+ MI4E I HLERIR BE M A HHR B 7L [3]. F EHLE THE, 2014,
25(7): 862-866.

14-20.

ek, XIFRIh, EORAE. BT REOKPEDHTH SOM FhLE M & 20 26 h R[], B RETHENLS A, 2017,
7(6): 42-46.

PRI, VP57, BET matlab ST LA Z RIS E I 21T I SR E[T]. A E AL 25, 2018(4): 60-62.

Hans iXth

KPR B P RR T s

1. FTHF%0M T http:/kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD
THFRAEESE: [ISSN], FAHIT) ISSN: 2161-8801, BIAT £ if]
2. FTHEIME T http://cnki.net/
Ao« EBRSCERA R HEN, A SCERRRE, BIRE

WhaiE A . http://www.hanspub.org/Submission.aspx

HATIMEFE: csa@hanspub.org

DOI: 10.12677/csa.2019.92046 419 HEHUR 25 5


https://doi.org/10.12677/csa.2019.92046
http://www.doc88.com/p-3197646681022.html
http://kns.cnki.net/kns/brief/result.aspx?dbPrefix=WWJD
http://cnki.net/
http://www.hanspub.org/Submission.aspx
mailto:csa@hanspub.org

	Application of SOM Neural Network in Operational Environment Data Categorization
	Abstract
	Keywords
	SOM神经网络在作战环境数据项归类中的应用研究
	摘  要
	关键词
	1. 引言
	2. SOM神经网络的本质和特点
	3. 作战环境数据项归类
	3.1. 建立模型[11] [12] [13] [14]
	3.2. 结果分析

	4. 结论与说明
	参考文献

