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Abstract

In the rapid development of the Internet today, network news has become the main way for people
to get information, how to accurately provide personalized news recommendation for users has
become an increasingly concerned problem in the industry. To solve this problem, many news
recommendations based on LDA have appeared, but they only analyze the news content without
considering the changes of users’ interests. To solve this problem, this paper proposed a hot news
recommendation algorithm based on topic interest change. Firstly, users’ reading history is di-
vided by the fixed time window size, and the probability distribution of users’ interest is obtained
by LDA according to users’ reading history in each stage. Secondly, the time penalty weight func-
tion and the news topic distribution of users in each stage are used to predict the possible interest
of users in the next stage. Finally, according to the user interest probability distribution, us-
er-based collaborative filtering and topic distribution of news are used to complete hot news
recommendation. Experiments on real data sets show that the proposed method improves the
recommended performance.
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Figure 1. The effect of a on accuracy
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Figure 3. The influence of number of topics on accuracy
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Figure 4. The influence of number of topics on recall rate
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Table 1. Comparing the accuracy rate of number of different topics between LDA and LDA-CF
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Figure 6. Recommend 20 news results to users
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