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Abstract

In order to alleviate the dilemma of information explosion, a fused recommendation system is
built to improve the accuracy of prediction and aggregate the diversity of recommendations by
machine learning algorithm. According to the problems of sparse data sets and single recommen-
dation results, the alternative-least-square optimization model of Beetle antennae search algo-
rithm based on collaborative filtering and the user clustering model based on density-based spa-
tial clustering of noise application are presented. And the XGBoost fusion sorting model is built to
get personalized recommendation. The three models are simulated with the sales data of Apple
iPhone from Amazon platform. The results show that compared with the single alternating least
squares method, the new model has high expansibility, fast convergence and better practical val-
ue.
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Figure 1. The overall recommendation framework proposed in this paper
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Figure 2. Curve: system result of standard experiment
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Figure 4. Recall rate comparison chart
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