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Abstract

Main effect factor analysis is an important topic in fault location, road traffic accident analysis,
aviation accident analysis, risk analysis, cause analysis and other fields. It is of great significance
to analyze the causes of accidents, take effective preventive measures and reduce the incidence of
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accidents. Most of the existing causal analysis methods based on Bayesian network are based on
the constructed Bayesian network structure to conduct a separate sensitivity analysis of the fac-
tors that affect the occurrence of the accident, ignoring the interaction effect between the factors,
so as to get a one-sided conclusion. In this paper, a main effect factor analysis method based on
Bayesian network is proposed. After making full use of the correlation between factors to con-
struct the Bayesian network structure, the influence path of each factor on the result factor is
analyzed and the joint influence degree is analyzed. Experiments show that this method over-
comes the shortcomings of simple split analysis of each factor, and can get more reliable and
comprehensive causal analysis conclusions.
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Figure 1. The main effect factor analysis process proposed in this paper
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Figure 2. Examples of direct influencing factors po-
sitioning
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Figure 3. Bayesian network model
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