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Abstract

Highway fixed surveillance cameras have some problems such as small visual range and dead
corners, which are difficult to meet the needs of highway monitoring. UAV (Unmanned Aerial Ve-
hicle) has the advantages of strong flexibility, high efficiency, and large coverage. The combination
of UAV and 5G can play a huge role in the field of highway monitoring. Based on this background,
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the paper discusses the UAV + 5G inspection system of deep learning. 5G helps UAV solve the
problems of transmission distance and transmission delay, making it possible to conduct road in-
spections. For the main problems of detection accuracy and real-time tracking of video processing
in high-altitude inspection, the paper uses the corresponding deep learning algorithm to conduct
experiments, and finally analyze according to the experimental results.
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Figure 1. Overall structure of UAV + 5G
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Figure 2. Topological structure of UAV + 5G highway inspection system
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Figure 3. UAV video processing flow of deep learning
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Figure 4. Network structure of YOLOv5s
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Figure 5. Algorithm flow of DeepSORT
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Figure 7. UAV video vehicle tracking of improved DeepSORT
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