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Abstract

With the development of UAV technology, UAVs have been widely used in military, entertainment,
agriculture, rescue, aerospace, power inspection and other fields. Among them, the research on
the UAV path planning algorithm is the key to ensure that the UAV can successfully complete the
mission. Currently, UAV path planning algorithms are mainly divided into three categories: tradi-
tional path planning optimization algorithms, heuristic path optimization algorithms, and swarm
intelligence bionic path optimization algorithms. The classification of the three algorithms is ela-
borated in detail, the basic principles, representative research and their advantages and disad-
vantages of various algorithms are introduced in depth, and the prospects for follow-up research
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Figure 1. Classification of UAV path planning algorithms
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