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Abstract

Since 2020, the epidemic situation in COVID-19 has spread rapidly, which has had a very serious
impact on social economy and public health all over the world. How to diagnose and predict po-
tential COVID-19 cases quickly and accurately is an urgent problem at present. Machine learning
technology has the advantages of processing large amounts of data and improving prediction ac-
curacy, and has been widely used in epidemic prevention and control. Based on the machine
learning algorithm, this paper studies the prediction of people suspected of COVID-19. The valid
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case data is generated by random functions and trained and tested using the SVM (Support Vector
Machine) classification model, and after many experiments, we found that the model can accu-
rately predict the disease and has high reliability.
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Figure 1. SVM principle
1. SVM JRIE
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Figure 2. Normalized and discretized body temperature data
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Figure 3. Age data graph after normalization and discretization
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Table 1. Standard test system result data
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Table 2. Accuracy and error rate based on SVM model

2. ETF SVM ERIBEREEIRE

Summary quantity percentage
Correctly Classified Instances 917 91.7%
Incorrectly Classified Instances 83 8.3%
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Z/DREIEMIER. HiEARA:
TP
TP+FP

Hop, TP TN IER HAEF I H , FP 2 FUIN y IERE AR EH .
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Recall =

Table 3. Detailed accuracy by category
7= 3. AR TRV IEMIERRE

TP Rate FP Rate Precision Recall F-Measure MCC Class
0.922 0.087 0.891 0.922 0.906 0.832 1
0.913 0.078 0.938 0.913 0.925 0.832 0

IR AN BRIEHERE, 0B M ELE R RSOk 515, T PH M HLIESR A EON 402, £k, 0
R A PR, AT AR AR AR R

Table 4. Confusion matrix
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