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Abstract

During the epidemic, online learning platforms have exploded rapidly, and there are more and
more learners. However, factors such as the supervision of online learning, the degree of learner
engagement, and the evaluation of learning affect the learning effect of learners. With the integra-
tion and application of learning analysis technology and educational data mining, this paper con-
structs an online learning behavior based on machine learning by analyzing the online learning
behavior input data of learners, and adopting the method of timely assessment of learner beha-
vior input under the online learning platform. The input evaluation model uses the online learn-
er’'s engagement as the evaluation purpose, and analyzes the learner’s engagement through the
machine learning algorithm, which helps the learners to adjust themselves in time, and also helps
the teachers to carry out better teaching.
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Figure 1. Online learning engagement evaluation model
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Figure 2. Functional structure diagram of online learning input evaluation system
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Figure 3. Predicted results for low contributors
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Figure 4. Prediction results for small samples
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