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Abstract

Train intervals between carriages need to be recognized when we sprinkle the dust-restrainer on
coal in the train. A train interval recognition method based on computer vision technology is pro-
posed, which will set a video camera on one side of the platform to recognize the train intervals by
processing image sequences. Because of the variation of illumination and weather, images are first
enhanced by histogram equalization algorithm, and then image features including texture fea-
tures and line features are extracted and integrated. The SVM model will be trained offline for four
targets, including locomotive, carriage, interval and platform, and used to recognize the train in-
tervals online. Our experimentations show that our system is capable of recognizing the beginning
and the ending of train intervals automatically. Furthermore, the proposed system can be em-
beded in the sprinkle system easily to reduce the waste of dust-restrainer dramatically.
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Figure 1. System flowchart
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Figure 3. Example of LBP algorithm
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Figure 5. The flow of recognitionon-line
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Figure 7. The results of C70 recognition
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