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Abstract

Fault diagnosis is a kind of engineering technology widely used in enterprises. Effective fault di-
agnosis can save a lot of expenses in manpower and material resources for the enterprise. Tradi-
tional text fault diagnosis mostly uses the cosine similarity algorithm. When the matching is wrong,
the data falls behind, and the amount of data is large, it often fails to meet the real-time needs of
customers. Therefore, this paper uses the support vector machine algorithm to coarsely divide the
fault description text sentences input by the user to screen out the large categories with similar
characteristics. Based on the rough classification results, this paper further uses the cosine simi-
larity algorithm to perform accurate matching, so as to select the cause of the fault with the high-
est matching similarity and preventive measures to feedback customers. Experimental results
show that the fault diagnosis algorithm proposed in this paper can effectively perform fault diag-
nosis and bring considerable economic benefits to the enterprise.
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f (x)=sign(w" - x+b") (6)

SIS R, 24 Kernel = “Linear”, C =1.5, Decision_Function_Shape = “OVR”[, &
Ao FR B IF (P Linear &M%, OVR RE I N— M 5 HARSE AL 5r) . SVM 532K
B, AL 45

4. BT RIZAEE RS H T

AREZARLREE BEIE A TR UK, MASE G K ICAR[20]. B 2 I SCAR SO =& B SOREEE , Sutk A
SCAE AR SZARABEBEAT AL 3, ABCCA I ARALLEE L IE [21] [22]0 AR S2AHABAEE FH 1ra) B2 18] oh P A ) B A )
AR GEAEAE BT RPN ARIRIZ2 57 (R0 o PP i N s i RS A et 5 s £ e B R SCA B A
e & a, bo ZRGLEMIEEIT 1, BRI ARET 0 B, Wmt/2m M m ERAH el B4 a, b AH
B, XA “ARSLARAUNE

FEFE T ARSZMUEZ AU DL BE S v B e R SVM B )RS Ra 7 SR A5 3R, 1 e 20—
RSR M e P38 9 L R A AT 9 AR s2 AR UL VT FC B 8 - R PRAT I T 912 28] A e Tt Ac 24 DA R B8l 1 A
FRAE R E RS a2l SR A A N R AE PR 3 FRRAE SVM Sk AR L i Akt (R P SN B9
WA IR SOA [ B a 5 i PR dd i B GO £ P AR B MRS QP B R — AN SOR R R b AR SZAR U B ik
TR R AR AR 7). fJ5, MU SR i B s B R SCAR R 7 A2 SR ER] DA B 977 6 i e
Bisea

a'b i:l(XiXyi)

el ol ~ \/ (x ) % \/i(vi :

i=1

cos(8) = (7

DOI: 10.12677/hjdm.2020.102014 139 AET R


https://doi.org/10.12677/hjdm.2020.102014

EH % 55

5. LR HER 551
5.1. HEEZHBEREN B

I S B R E 3 TSRl T SR BRSO\ F R AL AR = 4R 1000 45 R AE B A e . IR1E
VRS TR P ) R A, DA EAE N DR TR A AR AS SRR L P A TR DR R [ v 4 it i 4.
B . XEEEHE S NP S BB AN R A A SR T R R A B s, B P R ) R
RS DA BT @ S RS B R, e 1 R (66 1 PR BT ROR) .

Table 1. The first part of the data samples
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Figure 1. Word cloud for failure data set

1 MIEREENES

5 R B R AR SEARAURE VL RC 5530 75 B AL 7 Bt £ o b T — RSB L, AR A T 5,
TR P VAR EAL AN, 0 RS B B — Pl R i DU B A S B R AN R R, SR i Bl A
IR UASTBL il “MBERSRSR) 7, LG, “JRN 7, “BiiadEi 7. X Sk S oy
X R [ R A F R VPR A URZ DL L, BRI 204 2 i

Table 2. The second part of the data samples
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Table 3. Classification results of four models on three indicators
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Table 4. Comparison of the running time and accuracy of the two methods
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