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Abstract

Spectral pretreatment can highlight the weak signal in the soil spectrum. The prediction accuracy
can be improved by spectral transformation. It is of great significance for precision agriculture. In
this study, the effect of spectral transformation is analyzed by predicting accuracy. The results
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show that: the prediction accuracy of the first-order differential treatment is 0.93; the root mean
square error is 0.911 g/kg. It can better predict soil organic matter content.
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Figure 1. Raw spectral reflectance plot
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Figure 2. First-order differential spectral reflectance curve
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Figure 3. Correlation of soil organic matter with original spectrum (a) and first derivative (b)
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Figure 4. Predicted and measured values of soil organic matter
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