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Abstract

Image shape feature’s extraction is an important research content in content-based image re-
trieval, and an image shape feature extraction method by using complex network model is pro-
posed in this paper. First, SIFT keypoints of an image are extracted, and then the image is divided
into blocks such that the initial complex network model can be built in each block respectively.
After that, minimum spanning tree decomposition method is used for the network’s dynamic evo-
lution, and the network features at different moments in different blocks are extracted as the im-
age’s shape features. Furthermore, the shape features are combined with the color and texture
features and a kind of fusion feature is obtained. By experiment results comparison, it shows that
the fusion feature does have advantages in CBIR.
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Figure 1. Keypoints partition and its dynamic evolution of complex modeling
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Figure 2. In the case of a threshold of 207, showing the process of gray images into LBP images
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Figure 3. Description of 3D-LBP images
3. 3D-LBP Elf&HyiHiA

PAENSEES Harr/NBAE SRR R
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Figure 5. The sketch map of extracting the shape features through HOG descriptors after
Harr wavelet transform
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