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Abstract
In order to achieve more accurate and reliable prediction of water inrush from coal seam floor
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and reduce the occurrence of mine flood. Machine learning has been widely used in the prediction
of water inrush from coal seam floor. This paper summarizes and analyzes the application effect of
current coal seam floor water inrush prediction, and sorts out the main problems existing in the
current coal seam floor water inrush prediction. The main problem of the water inrush prediction
technology is that the hydrogeological conditions are complex and the water inrush data are few.
The selection of main controlling factors of water inrush from coal seam floor will have a great
impact on the prediction of water inrush from coal seam floor based on machine learning. The se-
lection of algorithm model plays an important role in generalization ability and over-fitting prob-
lem. Although the rapid development of deep learning provides a new direction for floor water
inrush prediction technology, it still has a great impact on training data. At the end, the future de-
velopment of coal seam floor water inrush prediction technology is considered and explored. This
paper summarizes and compares the prediction methods of water inburst from coal seam floor in
recent years, and finds out the advantages and disadvantages of the current technology. The accu-
rate and efficient prediction of water inrush from coal seam floor in the future is prospected.
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