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Abstract

For procurement management of overseas warehouse, demand forecasting for equipment is not
accurate enough. This article provides specific demand forecasting methods, using the moving av-
erage method, exponential smoothing method, and ARIMA method to predict demand of a decoder
product. And the prediction result is compared with the real value, to get the most suitable fore-
cast method for the decoder product.

Keywords

Oversea Warehouse, Demand Forecasting, ARIMA Method

BIMET B FT KT

BH=E

B G N T
Email: liaomabao@126.com

Weks HiH: 20184F4H20H; FHHEM: 20184FsH7H; KA HM: 20184F5H15H

=

XS EERIGEE S, BETRMAMERL HE, AR T RAENRRMA T, DHIRER
&NRB1, HHRATHINTHE, BEPRE, URARIMAER B RBUIT TN, HERNERS
HSEHATX, BEIBES MR GRS TRITTEE.

X 5in

oM, HRHN, ARIMAL

YESIH: BAFE. AT RS TR I, 2018, 8(3): 211-225.
DOI: 10.12677/mm.2018.83026


http://www.hanspub.org/journal/mm
https://doi.org/10.12677/mm.2018.83026
https://doi.org/10.12677/mm.2018.83026
http://www.hanspub.org

BE

Copyright © 2018 by author and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY).
http://creativecommons.org/licenses/by/4.0/

1. 5|8

[ A6 TSN S BT FEBORE, USRS B LR T WIAORIT o X A% S i 5124 B KA e (K FU R
b, MRS T 3s fa i R AR B A B VR IR A S DR 3 A AR ™ J O A B . A S
XA P PR 5 SR TN 75 92 PR R 5 R B3 & % e R U 5 SR I 77 92 « AT I B AL S0 PR A7 /O H 1Y
BERAR A7 A I AL T 3 7 5K

AT RTI EEE CZeARX 5835, (EB I B BORTSIR R AN 5, U 18] P 21 5000 ) 52 AR it 60 il
PR b e S s 4 A A 2 TR 1 A, 75 5 R KR I AT A R B IR 5 E s

LB TSR I, AR VA BEAT 2028, AT DA D PRI AT B I R e ME TN 2 R A
HE GRS HAEASRAS I, A T2 A SR . 2R3 SR AR Sk IR S AR Al FD e 35 RV s A S = 0 4 B
ISR FELT, AfERROAXMTE, HER RPN, FWEARE, AR ZHIR K,
HIEEMRA T RS R TN AT ER 2, iRk bh bk, HERIRE. Wik, E R WG
P T e Bl B i B B R 2 HARE G DL, IR MU S 2 OB, JFARAE AR A v i X 51
AR K SRS . 72 BTN 75 R R 7 e BB MR, ST a& S A B, HEIRTERAG T
TN EFRAIARRAL R BT A0 R RS TRINAR E v, SR R X Bt R o SRk v o e S TN A 5 R %
L ENEE RPN VS 71PN

2. /R
2.1. FMTTENR

1) SE L

SEPET ) EARRN ARG T RRAERIUBORE, 255 NI Py M2 3 2847 AN IR -
SEMED TR SR R H BRI ST AY, JFEATERZ ML L8, HE0ET RS H
5 WL TR A s e AR (0 B R X 4 5 A AT e 22 K

W E T TV

—RETINE . MR BN R B BRI U R AR R B 1] A B A SR T, I EATIC A
T e X 3 2 = A T A

EARTHRYE: R REREEZNIS, kA RO 8 B A AR N SAE AT = R
BEXS A — A B 7 EE T AT SR R b e A B AR, A LGRE AN RS A, R
PHBVE AT DABE S A N BEAT TR I ) O 22, AHAFAER 5 i ]2 B B L S AT g

FEIRAE : MR M A, R IE 6 & 508 28 (A WLt , AP i) i B 44 75 CEEAT T PR — 5% o
CRA) M AT WA R B AR AL ZERIEIE T DUR TR R B R R T, AR AT
=R Ja AT DASS 21 B R A T A R

FKbik: —SLR i i P S EC S, AT RLHI SR LR AT TN, £ — b U0 il O it _EX6F
AR G I RORBEATHE S o FRLLIE ST LAy A RIS L A R D Lk . ARISELE— S5 P s B3
A U R B 65 B R H W i Sl 3y, BRI SR LU A2 225 [ — I SO LA™ s 1 T 3 i B s ol it A7 T - i
P2 B AT DA — S R FEE 1388 G 7™ i ) RS A A i 5 1 o

DOI: 10.12677/mm.2018.83026 212 AR B


https://doi.org/10.12677/mm.2018.83026
http://creativecommons.org/licenses/by/4.0/

B

HIRHE Fek: I E 13 =J5 % M o 3 W AT LA BEAT XA ol (R 1 DLEAT T S T, 76 AT A 0
Fidh X i Sl A R B 17 DL AT T

2) SE BT

a) BATHE

W Bl 1S3k e B i B RO TN 773, PO g S 5 i (- S 8, B IR TR0 4B RS, Tt 2
ANBTEEAT R 1] 12 FIA2 BN~ g3dedt AT T AT LY/ 1R 37 50 SR SR e ot Tt 45 SR (i o e S iy
J3 5% J 0 X i 4 T 45 R SRR L R AR IR, RSBl PR AT Bhidt— 20 7 9 R B 2l P 2k A
B ZZIN A

i AL B A A O

Fo A +A4,+4 ++4,

t

n

X, FRGPEREE ¢« MIMTIME, 4,4, 4, A4, R L SEhRdE, Hh 4, Rk
— MRS BR R, A S n A CART B SE PR Bl . 18T SRS BT R A R A B Y e AN IR S
B EH e TR — B A AR, 3R E P AN [ 2 i T £ 2852

AT R B P P AN R R IR T AR AR, JEEAREZ AN 1, BIA 13 SR 27351
A

E =W A +Wod ) + WA s+t WA,

X, W W Wy W, 5 n ANETASERR AR OB, FEE W, + W, + W, +-+W, =1, —RIfi 5, §E
B9 29 A B IR I 4 R T 5 v (RO AT, P A 1 B SR T 5T RO B o A 3 P S [ R 1 )
gh .

BB P IvL a8 54T, H AR ATE TR 2 A W i B 2 5 e 2P S AR, Ik 2l A 2
A3 B A M T B B E A UK. T340, B PRI T R /KPAFR, A RRIR I Hh S e R
Hat o BOn, WARIEER AR Z R, BT S — TR TR — R TS 3, B R A — 3
MITIAFE R 2, 2 FRORZ M RN, I 0 T30 ) v A 4

SRR, B PRNEE S T RN AR AR AL BRI KR R R M7 A B A
/o

b) fRECT

R o)) P 50E I 1 LS TE T % BERp AN KR P S, MEVE 2 T b, R R Y B A 3
YEIE LUAR A LART B0 B2 [2]. FESRECT D, AR =AM DLSEIU AR T il — WA
TN, Bl —WIRsEbrE, SO E S oo o YO8 T FHIKCT, Wikse 73T 700 & s by & 2 6
FE SR SRONEIRE o FRECT IV RS S S o MR A AN U 1 1 TR v

TERT I T B 30 5 V2 R AR B i, %05 R T AR BRI A dis Bk mT LARE S (3]
FRHCT I VELE R ZE T 7 1 R e 2 RS, > TO0I 25080 R AR AR AR AR A 3 m] AREAT [ R
BACTI0E T AP R 343 Fae B 18] 51, P 5T B 1R AT R 8 LG B2 A [R) R e

e R HCP A A R R

F=F, +a(Ar—1 _E—l)
Kb, F X8 « ARG, F_ Rl — AR ECT BN, A4, T — AN

HISEPRE .
TRBCHIEHERE T — € I E BEN AR B AR, 285 M s~ 2kt 55 08 1 BUE DUA i &

DOI: 10.12677/mm.2018.83026 213 AR B


https://doi.org/10.12677/mm.2018.83026

BE

NI A5 3] e 2 ) TINS5 o FEHCF TR AR LU T o, R AN SR B 5 25 A0 b — A I S 10 0000
Pt o LT UF 8, — O T Ee e AR Bt 8] 7 41

WURAE A — € IS [B) Y6 [ P SR 200845 A BON I 2 TR B, 84 Xt 25 3 B0l
EANSE PR SR 2 (A1 W IS FF A0, Il o] DAd Ik V8 e 3348 IR A/E — e A2 B b lcdk s 507 i i Tt
S5, AR Holt fR¥r-rHigidl, HA:

FIT, = F, +T,

Wb, F=FIT_ +a(4_-FIT_ ), T,=T_+5(F-FIT_ ), F&X ¢ WUKEECHERNME, 72 «
AR, FIT 2%t ¢ I IS @A N BME, FIT_ Xtir— e SasmmneE, 4 25—
AIARISERRME, o 2T R, o SBH-TH R

AL, AR A S PRI R, IR ERIMEIEFE W ER, ST A
— BRI AR, X5 /2 Holt-Winters 185017

TESEBR B TMES 75 BEARYE J7 S0 B0 PR AT G @ A A B, A [R) RO 5 SR 11 T R SR
WA

¢) ARMA Hi%

ARMA A S 4 FR A B B AR S P SR, R AJF 7T 8] 4 1) R b — 2K B 3 ) s, 2 H R e
MG TR 7 FI IR [4]. ARMA BALK 7 FIE R om it 28 A £ R B BCRT, e s A i
T

Y; :ﬂo"'ﬁlym +ﬂ2Yt—2+”.+ﬂpK7p+gt+a18t71 ta,e, ,+ta.e q

Hob, Y.,y SIS, & AIRET. AMRA BUBUH Y, E SR ZM % p BEF AL
2 q R ST R

S i B TR AU, 7% ] ARIMA BUBJHT L. ARIMA BUBAR |55 ARMA Bt A
7, S A AT TR N TR RS, TR,

FIFH ARMA IR )R SRR R ) 1 R[5 ]

2.2. MERRFEN

KER 4G A Aw] 2015 FEFTHEW 1) A VLTGRO Fz X A B 15 00, 6 b — A2 i 0l 77
EATUE . T2 HLTET 2015 4 5 A7EIEMMIX BT, I&EWEZ 1aE, BRI — 0 e
TR EIZE TR R 1A T T2 HUINEEIEPMIR MR DX 8 18 00, 408 55 35 B o 6 e 47 Bt
AL .

Hrr, 2017 2 A, HT-GEKTE, LGS H Shri SRS e P IgsE R K. AT 8 & 7l
SIRTIY %S 2 R TS AR RS BE AN A5 A, DR, ARSCRARGJE PN H B3EAE 4 H SRR oK
A A

MFERGEHE 2 haf LLE Y, Decoder-T2 HLIGE NI _F T B B BI85 65 i g, G FLA 3T iR Bt
SR, EWLTE R BT N, BREBBON TR N, ASSCE R A FRECT
Wik, PLK ARMA 75X Decoder-T2 ALIT & 1) 7 R A% (L 1247 Pl

2.2.1. BERIEHE

MASE n BUETRINE SRR (6 2, 42 3. K] 3), BAMEHEI TR, i 7 SShrfisRpsh s,
n A FEHUE AR Z RAGRIRK, X5 HSEA S PR tEAT 6. AR SHUBIBIBORIET 8 AR
P, SRR ZRR, Bl ES 2. AR E&E T PR 5, o BYBUE XS 0 8 52

DOI: 10.12677/mm.2018.83026 214 AR B


https://doi.org/10.12677/mm.2018.83026

B

WA I IR P 51 B i
FIT 771 2 TS AR
& | 5
!
X H W AT ZE 5
} BHEJNZESEFR
FTARMARERY
v
E T ARIMAREAY
v

THEACF (HMRARED .
PACF (fls EH #H5E 2%

|

BRG] GER “«

}

R RS A -
(L Z S EEbe
B |
T
Figure 1. ARMA (ARIMA) modeling flowchart
1. ARMA (ARIMA)Z 15572
Table 1. Statistical table of sales in kampala warehouse of decoder-T2
= 1. Decoder-T2 HLINERIHR CESHE B R Gt =
I 18] HE(R) I 8] HE(R) I 1] HE(H)
2015.5 65,257 2016.3 23,383 2017.1 17,233
2015.6 49,231 2016.4 21,501 2017.2 1023 (4 %)
2015.7 53,227 2016.5 22,549 2017.3 13,055
2015.8 44,294 2016.6 25,157 2017.4 11,201
2015.9 23,036 2016.7 20,315 2017.5 14,386
2015.10 29,899 2016.8 24,061 2017.6 11,288
2015.11 35,909 2016.9 20,111 2017.7 13,549
2015.12 39,609 2016.10 12,692 2017.8 12,228
2016.1 18,466 2016.11 17,663 2017.9 11,035

2016.2 30,582 2016.12 24,312
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Decoder-T2FREHE

Figure 2. Sales number of decoder-T2 in kampala warehouse
2. Decoder-T2 #LINEIRIARL € FESHE 1)

Table 2. Forecasting results of different intervals

= 2. NEBXERTUNLER

N . n=3 n=4

T Kt B S 2 H AT 5
2015.5 65,257
2015.6 49,231
2015.7 53,227
2015.8 44,294 55,905 11,611
2015.9 23,036 48,917.33 25,881.33 53,002.25 29,966.25
2015.10 29,899 40,185.67 10,286.67 42,447 12,548
2015.11 35,909 32,409.67 3499.333 37,614 1705
2015.12 39,609 29,614.67 9994.333 33,284.5 6324.5
2016.1 18,466 35,139 16,673 32,113.25 13,647.25
2016.2 30,582 31,328 746 30,970.75 388.75
20163 23,383 29,552.33 6169.333 31,1415 7758.5
2016.4 21,501 24,143.67 2642.667 28,010 6509
2016.5 22,549 25,155.33 2606.333 23,483 934
2016.6 25,157 22,477.67 2679.333 24,503.75 653.25
2016.7 20,315 23,069 2754 23,1475 2832.5
2016.8 24,061 22,673.67 1387.333 22,380.5 1680.5
2016.9 20,111 23,177.67 3066.667 23,020.5 2909.5
2016.10 12,692 21,495.67 8803.667 22,411 9719
2016.11 17,663 18,954.67 1291.667 19,294.75 1631.75
2016.12 24,312 16,822 7490 18,631.75 5680.25
2017.1 17,233 18,222.33 989.3333 18,694.5 1461.5
2017.2 15,144 19,736 4592 17,975 2831
2017.3 13,055 18,896.33 5841333 18,588 5533
2017.4 11,201 15,144 3943 17,436 6235
2017.5 14,386 13,133.33 1252.667 14,158.25 227.75
2017.6 11,288 12,880.67 1592.667 13,446.5 2158.5
2017.7 13,549 12,291.67 1257.333 12,482.5 1066.5
2017.8 12,228 13,074.33 846.3333 12,606 378
2017.9 11,035 12,355 1320 12,862.75 1827.75

I 7 5354.5 5064.28
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Table 3. Forecasting results of different intervals

= 3. TRIBENXERIFUNES R (L)

n=>5 n=6
e 1] bR E
T Akt B9 2% T Y3t B 2%
2015.5 65,257
2015.6 49,231
2015.7 53,227
2015.8 44,294
2015.9 23,036
2015.10 29,899 47,009 17,110
2015.11 35,909 39,937.4 4028.4 44,157.33 8248.333
2015.12 39,609 37,273 2336 39,266 343
2016.1 18,466 34,549.4 16,083.4 37,662.33 19,196.33
2016.2 30,582 29,383.8 1198.2 31,868.83 1286.833
2016.3 23,383 30,893 7510 29,583.5 6200.5
2016.4 21,501 29,589.8 8088.8 29,641.33 8140.333
2016.5 22,549 26,708.2 4159.2 28,241.67 5692.667
2016.6 25,157 23,296.2 1860.8 26,015 858
2016.7 20,315 24,6344 4319.4 23,606.33 3291.333
2016.8 24,061 22,581 1480 23,914.5 146.5
2016.9 20,111 22,716.6 2605.6 22,827.67 2716.667
2016.10 12,692 22,438.6 9746.6 22,282.33 9590.333
2016.11 17,663 20,467.2 2804.2 20,814.17 3151.167
2016.12 24,312 18,968.4 5343.6 19,999.83 4312.167
2017.1 17,233 19,767.8 2534.8 19,859 2626
2017.2 15,144 18,4022 3258.2 19,345.33 4201.333
2017.3 13,055 17,408.8 4353.8 17,859.17 4804.167
2017.4 11,201 17,481.4 6280.4 16,683.17 5482.167
2017.5 14,386 16,189 1803 16,434.67 2048.667
2017.6 11,288 14,203.8 2915.8 15,888.5 4600.5
2017.7 13,549 13,014.8 5342 13,717.83 168.8333
2017.8 12,228 12,695.8 467.8 13,103.83 875.8333
2017.9 11,035 12,530.4 1495.4 12,617.83 1582.833
SR R % 4679.9 4328.9
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Figure 3. Comparison of deviation variation trend
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Table 4. Exponential smoothing results of different a value

4. NE a PETHERTBER

a=0.1 a=03
T[] SEhR{E

TiIE HxF B % TiIE HXF B %
2015.5 65,257 65,257
2015.6 49,231 65,257 16,026 60,449.2 16,026
2015.7 53,227 63,654.4 10,427.4 58,282.54 72222
2015.8 44,294 62,611.66 18,317.66 54,085.98 13,988.54
2015.9 23,036 60,779.89 37,743.89 44,770.98 31,049.98
2015.10 29,899 57,005.5 27,106.5 40,309.39 14,871.98
2015.11 35,909 54,294.85 18,385.85 38,989.27 4400.389
2015.12 39,609 52,456.27 12,847.27 39,175.19 619.7275
2016.1 18,466 51,171.54 32,705.54 32,962.43 20,709.19
2016.2 30,582 47,900.99 17,318.99 32,2483 2380.434
2016.3 23,383 46,169.09 22,786.09 29,588.71 8865.303
2016.4 21,501 43,890.48 22,389.48 27,162.4 8087.712
2016.5 22,549 41,651.53 19,102.53 25,778.38 4613.399
2016.6 25,157 39,741.28 14,584.28 25,591.97 621.3791
2016.7 20,315 38,282.85 17,967.85 24,008.88 5276.965
2016.8 24,061 36,486.07 12,425.07 24,024.51 52.12425
2016.9 20,111 35,243.56 15,132.56 22,850.46 3913.513
2016.10 12,692 33,7303 21,0383 19,802.92 10,158.46
2016.11 17,663 31,626.47 13,963.47 19,160.94 2139.921
2016.12 24312 30,230.13 5918.126 20,706.26 5151.055
2017.1 17,233 29,638.31 12,405.31 19,664.28 3473.261
2017.2 15,144 28,397.78 13,253.78 18,308.2 4520.283
2017.3 13,055 27,072.4 14,017.4 16,732.24 5253.198
2017.4 11,201 25,670.66 14,469.66 15,072.87 5531.239
2017.5 14,386 24,223.7 9837.697 14,866.81 686.8671
2017.6 11,288 23,239.93 11,951.93 13,793.16 3578.807
2017.7 13,549 22,044.73 8495.735 13,719.92 244.1649
2017.8 12,228 21,195.16 8967.161 13,272.34 1491915
2017.9 11,035 20,298.44 9263.445 65,257 2237.341

SRR 16,387 6684
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Table 5. Exponential smoothing results of different a value

% 5. N o BUE FROIESTIRER )

a=0.5 a=0.7
T[] SEhR{E

ToE A0 G 2 TRIME A% 8 2
2015.5 65,257
2015.6 49,231 65,257 16,026 65,257 16,026
2015.7 53,227 57,244 4017 54,038.8 811.8
2015.8 44,294 55,235.5 10,941.5 53,470.54 9176.54
2015.9 23,036 49,764.75 26,728.75 47,046.96 24,010.96
2015.10 29,899 36,400.38 6501.375 30,239.29 340.2886
2015.11 35,909 33,149.69 2759.313 30,001.09 5907.913
2015.12 39,609 34,529.34 5079.656 34,136.63 5472.374
2016.1 18,466 37,069.17 18,603.17 37,967.29 19501.29
2016.2 30,582 27,767.59 2814.414 24,316.39 6265.614
2016.3 23,383 29,174.79 5791.793 28,702.32 5319.316
2016.4 21,501 26,278.9 4777.896 24,978.79 3477.795
2016.5 22,549 23,889.95 1340.948 22,544.34 4.661569
2016.6 25,157 23,219.47 1937.526 22,547.6 2609.398
2016.7 20,315 24,188.24 3873.237 24,374.18 4059.18
2016.8 24,061 22,251.62 1809.381 21,532.75 2528.246
2016.9 20,111 23,156.31 3045.309 23,302.53 3191.526
2016.10 12,692 21,633.65 8941.655 21,068.46 8376.458
2016.11 17,663 17,162.83 500.1727 15,204.94 2458.063
2016.12 24,312 17,412.91 6899.086 16,925.58 7386.419
2017.1 17,233 20,862.46 3629.457 22,096.07 4863.074
2017.2 15,144 19,047.73 3903.728 18,691.92 3547.922
2017.3 13,055 17,095.86 4040.864 16,208.38 3153.377
2017.4 11,201 15,075.43 3874.432 14,001.01 2800.013
2017.5 14,386 13,138.22 1247.784 12,041 2344.996
2017.6 11,288 13,762.11 2474.108 13,682.5 2394.501
2017.7 13,549 12,525.05 1023.946 12,006.35 1542.65
2017.8 12,228 13,037.03 809.027 13,086.21 858.2051
2017.9 11,035 12,632.51 1597.514 12,485.46 1450.462

PR s 5535 5352
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Figure 4. Forecasting result of different smoothing factor
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Figure 5. Absolute deviation variation trend of different smoothing factor
E 5. TRIFEBRABTHENBELHIEE
Table 6. Test result about roots of unity of decoder sales data
= 6. MINZHERIR BRI LEER
data: sales
Dickey-Fuller = —6.3298 Lag order =3 p-value =0.01

alternative hypothesis: Factionary
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TR BATKHA RIBT R “act” M “pact” XA BRECRIEATHIHIS],

ARMA A p I q (EHCRT A2 DLF IR (56 7)3EAT 800 -

gh BAHREI(E o)A fmAt eI 7)PTLAE e BARCR I BARHE, fw BAHCRILH 1 e
FEAE, DAISERT LA AR (DR A8 6751, BRI R UG T 5187 ARMA (1, 0)BE%Y.

DNBROR T BRE TR, T THCKS 45 58 B 1 D7 VAR Y HEAT HERA IR S0 . TE AT DU A ALC #EDIEAT A
Wi, AIC 15 BAEMR AT S A G R AL —FPbrdl, SORRRME B EEN, & e 1R S
fithh b, R DS BT A 1A 28 (10 53 2 FEE AR LM A AR 400 0 1) A R

ATV ARMA (p, QT FTA p /NT5ET 4, q/hT5T 3 MENETHS, 1HHE AIC{E, FEAH L
B AIC {35 3 e/ B e AR B RL (6 8)e

Table 7. Identification principles of ARMA model
# 7. ARMA 2R IR 5 R

A HAH % £ %(ACF) fiAH < 2 E(PACF)
AR (p) 1922 p iR
MA (@) q e 52
ARMA (p, q) iR i
Series sales
w —
o

ACF
0.4
[
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Figure 6. Self-correlation chart of decoder sales data
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Figure 7. Partial self-correlation chart of decoder sales data
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HiHHEERATEN, Zp=1, q=1, ARMA BRI AIC {Hf/)N, FIHRA ARMA (1, 1)

BT ERT

BITIFAE, ARMA (1, DTS EUE 145 R0~ R 9):
NSRRI BEAT ST, SERI AR NS SR EE R, LR ZERIESYEMIT R

PR IS (5 10).

MIRZE TR IR IR S5 RAAZE QQ KT LIS, Rz RA TR, HAFG RS MRE. Hik, A

N ARMA (1, 1)BEAS Be 8 B 4T M A0, & 508 (141 8).

Table 8. AIC value of different ARMA (p, q) model combined

%% 8. ARMA (p, )8! p/q FEHA THI AIC &

T P 0 1 2 3 4
q E—
0 \ 611.1 611.45 612.73 614.67
1 626.55 611.09 613.08 614.72 616.65
2 622.71 613.07 615.07 615.19 614.61
3 620.96 614.31 \ 615.69 616.53
Table 9. Parameter Estimation of ARMA (1, 1) model
9. ARMA (1, DIRBESHHITER
Parameter Value Standard Error
Constant 31,979.75 16,811.77
AR(1) 0.9652 0.0474
MR(1) -0.3142 0.1910
Table 10. Residual error independence results
F10. ZRETLKMRINER
data: model 1 $residuals
X-squared = 1.7843
df=1
p-value =0.1816
Normal Q-Q Plot
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Figure 8. Test result of residual error normality
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2.3. FEFM T FEBRFEE

TE E—5, AT AR TR A FRECEIETE, ALK ARIMA BEASGE T2 HLTGE ™ i 1 7 2K
HEAT T AR R, R4 RIE & I7E N IRIRSH S s . AKX IX =P 7 E7E T2 MR R K
TR R IEAT R, FRAT3 AR AL S~ 350 O IE R ARIMA VEXT 2017 4 10 H 1) 7 KREE
BEAT YOOI, 45380 BRI 45 R R (& 12 ATE 9).

A AFRERED, 2017 4F 10 HIIEH X T2 7= i (1 S brds B8 9861 & .

TR 25 R P T U, BP0 A RIRIIEANH &, XS0 R N, 1207 1EE
TORSEBLUARMY AT T 575 SR AT, AR R A 08 I EEAE AR T 37 AT B R AR AR AL, AR G A5 A [
B WRANRE S48, SRR S IRUE, HEIEEEIN T3 5 P T R FE A I XU « ARIMA
BRI T 1 SOBAR PR, AE A0 RFIAS HE 2 SR I KR, W RS EUR P IR . e 8CHIEN T 9
B, BESON T Mg, SO PR s Le AR T dg 8h.  [RItk, FEECHIEEEEH T A AT
FMAhz X T2 HLT0 & 75 SR 00 o

Table 11. Sales Forecasting of decoder in three months by ARMA model
= 11. ARMA RESHINE = AHE R RN

2017 4 10 H 2017 % 11 A 2017 £ 12 H

7658 & 9138 & 10,327 &

Table 12. Prediction results of decoder sales data in 2017/10 by three forecasting methods
F 12, ZHFUNTT AR HLIRE 2017.10 $HEFE LT

225N SN RECHEE ARIMA ¥
12,281 & 11,470 & 7658 &
=PI S R 5 SEBRELNT b

gehrfe esei

ArTvaz: - [7esen

arcrin: I EO)

pares s
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Figure 9. Comparison chart between the three predicting result and real value
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ASCEEHITT T LB E A =R T B B3 Tk, fBECHE. LU ARIMA 3%, 15 A
NF PR 2015 4 5 A5 2017 4 9 AR LPR BB TIME . GPRRY], =R ERIRex I
R S BONW I A5 o BESS, ASCEIN 2017 4 10 A IRMAHIX T2 FLTE M S 8dE, 5 =R
FRMMEBEAT XS LE, X ELEE RO ARIMA BRSO3 0 S N RE, B3l P IE X 35 i s it 18, $R 40T
TEVEN TP 0], RENS R b 58 BOnS T2 HLIG 4 & 1 Tl .
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