Operations Research and Fuzziology 2% 540%, 2019, 9(3), 243-248 Hans X
Published Online August 2019 in Hans. http://www.hanspub.org/journal/orf
https://doi.org/10.12677/0rf.2019.93028

Air Ammunition Equipment Damage
Orientation Based on Bayesian Network

Tao Lit*, Mei Li2, Li Chen3, ZhiJun Mat?

1Security Department of Air Ammunition, Air Force Service College, Xuzhou Jiangsu
’PLA 95855, Beijing

’PLA 93685, Zhangjiakou Hebei

Email: jiangnanlt@sina.com

Received: Aug. 6, 2019; accepted: Aug. 19", 2019; published: Aug. 26™, 2019

Abstract

Fault location for the ammunition equipment is an important step in equipment condition as-
sessment and equipment maintenance. The advantage of Bayesian network in ammunition equip-
ment fault location is expounded and the method and flow path is discussed based on the Bayesian
network. Taking the example of the nitrogen supply equipment for the missile, the process of the
fault location is analyzed, and the conclusion is indicated corrective and effective.
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Figure 1. Missile nitrogen supply unit Bayesian
network
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Table 1. Bayesian network probability tables
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Table 2. Nitrogen B normal system unit under all kinds of situations probability
2. A8 B EEM ARG & ATAT EFMRTSHIBER
IR A g A
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Table 3. Filter A normal system under all kinds of situations probability
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