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Abstract

In the data age, data is everywhere. Information visualization is to map data into visual graphics,
improve the cognitive efficiency of data, and convey the effective information behind the data. In
order to describe the research landscape of international information visualization, this paper
uses CiteSpace software to collect and analyze the relevant literature on information visualization
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research from 2007 to 2022 included in the Web of Science core collection database, and clarify
the research scope and development trend of information visualization by building a knowledge
map of information visualization research in three aspects: spatial and temporal distribution, re-
search hotspots and cutting-edge trends.
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Figure 1. Annual literature volume change trend in the research field of information visualization/data visualization
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Figure 2. Knowledge map of countries in the research field of information visualization/data visualization
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Table 1. Top 10 countries in the field of information visualization/data visualization
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Figure 3. Knowledge map of research institutions in the research field of information visualization/data visualization
& 3. [FE AN/ BRI U RS EG

Table 2. Top 10 scientific research institutions in the field of information visualization/data visualization
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Figure 4. Knowledge map of authors in the research field of information visualization/data visualization
4. E R ATIAL/BUE R I R Sug A & AR E

4. MRATIREEREERS
4.1. ERARAEIH

& B R4 (Information visualization) @& 44 2 s Bt IR AL o BT, R3S i B DA 8%
3 T B A 2B B[], R E R, (& 5)

FBOIARNFOTR 2R

D ;s

e B

Figure 5. The essence of information visualization
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Figure 6. Subject discipline distribution of information visualization/data visualization
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Table 3. Frequency and centrality of keywords in the research field ofinformation visualization/data visualization
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Figure 7. Keyword knowledge map in the research field of information visualization/data visualization
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