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Abstract

Objective: To use the method of network pharmacology to study the component-target-pathway
mechanism of the empirical compound JibeiKechuan Decoction to interfere with inflammation, in
order to provide a basis for its basic research and clinical application. Methods: Search and screen
out the active ingredients and targets of JibeiKechuan Decoction through ETCM database, Pharm-
Mapper database and SwissADME platform. Use GeneCards, OMIM, and DisGeNet databases to
screen out inflammation-related targets, take the intersection of the two targets and combine
them. The target uses STRING 11.0 to obtain protein interaction relationships, and constructs a
PPI network through Cytoscape 3.7.2 to analyze the key targets of JibeiKechuan Decoction for an-
ti-inflammation; uses Metascape platform to perform GO and KEGG gene enrichment analysis to
obtain potential pathways and construct them Target-access network. Results: 145 active ingre-
dients were screened in JibeiKechuan Decoction, including 316 targets involved in inflammation,
and finally 34 key targets were screened out after analysis; the key targets of KEGG enrichment
analysis were mainly enriched in AGE-RAGE, NF-kB, cAMP and other related pathways, involving
3609 related biological processes, such as inflammatory response and defense regulation. Conclu-
sion: Based on network pharmacology, the characteristics of the anti-inflammatory component-
target-pathway of JibeiKechuan Decoction were discussed, which provided new ideas and me-
thods for further research on the anti-inflammatory mechanism of JibeiKechuan Decoction.
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Wiz A R g B B AT AR, K BT SR AL & M 45 K N SwissADME - & [6]
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4 98108 380 1) s 73 B SECRT I BE AT S IR I A 4R, HOR 5 DU 075 1 A LR TR AERE AT, 4%
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HA number of nodes = 315, number of edges = 1534, average node degree = 9.74. avg. local clustering
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Figure 1. VENN map of drug targets and disease targets
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Figure 2. Potential target protein interaction network
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Figure 3. Visual diagram of protein interaction network of key targets
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Figure 4. “Compound ingredients-target” Network
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Figure 5. Visualization of GO enrichment analysis
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Table 1. System resulting data of standard experiment

# 1. BRBRERER

GO Description Count —Logl10(P)
hsa05200 Pathways in cancer 74 68.15
hsa04933 AGE-RAGE signaling pathway in diabetic complications 40 49.83
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Continued
hsa04080 Neuroactive ligand-receptor interaction 46 39.3
hsa04062 Chemokine signaling pathway 37 34.98
hsa05169 Epstein-Barr virus infection 43 33.96
hsa04210 Apoptosis 33 33.72
ko04064 NF-kappa B signaling pathway 25 26.76
hsa04024 cAMP signaling pathway 31 23.86
hsa04060 Cytokine-cytokine receptor interaction 32 22.61
hsa05219 Bladder cancer 16 20.48
ko05323 Rheumatoid arthritis 20 19.89
hsa04630 Jak-STAT signaling pathway 23 18.52
hsa04611 Platelet activation 21 17.8
hsa04750 inflammatory mediator regulation of trp channels 19 17.21
ko05202 Transcriptional misregulation in cancer 22 15.95
hsa04072 Phospholipase D signaling pathway 21 15.67
hsa05014 Amyotrophic lateral sclerosis (ALS) 12 12.48
hsa04115 p53 signaling pathway 13 12.13
hsa05010 Alzheimer's disease 18 12.02
hsa04211 Longevity regulating pathway 15 11.82
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Figure 6. KEGG signal pathway analysis
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