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Abstract

Local financial revenue is an important part of national fiscal revenues. In order to identify the
impact affecting factors of Guangzhou’s fiscal revenue automatically, we established a variable se-
lection model in Adaptive-Lasso based on 1994-2013 years’ economic data. Under the research
above, the paper offered the predictive value of fiscal revenue from 2014 to 2015 based on grey
prediction and BP neural network combined model. The results of the variable selection models
showed that the social number of employees, the total of worker’s salary, total volume of retail
sales of the social consumer goods, per capita disposable income in urban residents, per capita
expenditure on consumption in urban residents and social fixed assets investment were more re-
lated to fiscal revenue; afterwards the combined model had better effects. Furthermore, some ad-
vices were presented.
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Table 1. Model precision of posterior-variance-test
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Table 2. Statistical resulting data of variables

2. BEGITHER

Min Max Mean SD
x1 3,831,732.00 7,599,295.00 5,579,519.95 126,219.50
x2 181.54 2110.78 765.04 595.70
x3 448.19 6882.85 2370.83 1919.17
x4 7571.00 42,049.14 19,644.69 10,203.02
x5 6212.70 33,156.83 15,870.95 8199.77
X6 6,370,241.00 8,323,096.00 7,350,513.60 621,341.90
x7 525.71 4454.55 1712.24 1184.71
x8 985.31 15420.14 5705.80 4478.40
x9 60.62 228.46 129.50 5.05
x10 65.66 852.56 340.22 251.58
x11 97.50 120.00 103.31 5.51
x12 1.03 1.91 1.42 2.53
x13 5321.00 41,972.00 17,273.80 11,109.19
y 64.87 2088.14 618.08 609.25

M7 3 WA, R R SR R R (x1 1) 5 BUR AN E R RA R, T H 2. HREEY
BN 2R R IEA R R & .

4. TABYIN 53 7 B o0 0
4.1. Adaptive-Lasso T EixIFIEE
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ARG TR E; BT MAERSI A D SARET T AR 208, FRE AN DA R
PN BN s J BRI 9 4 i K5 5 0 BSOSO B AE SR/ BABSORT DA s B T AR B0 5 BAE %% IR I
SVBRIT  EEE RN, TN T 2005 AEEGHE 7ARNEEL, BRI AR — bRk b 5 0 BN B DT RR AR BRAI
HoAth A5 B 5 B399 BT R R IR . X5 8H Adaptive-Lasso J7yAAEA AR, RENS I BRA7 L2k
PR RIASE, [FIRAREL T Adaptive-Lasso J77AE%T £ fa bRt 47 @A )t 4 o

gi BLRTIR, FIH Adaptive-Lasso 77 ¥ ) 5200 WA ECUSON (1) S B 2 i (R 2 A 4k 2 Motk A8, 78 R

THEH W mTE D8 WEUE RN SR « SRR RN P SO DU et e i
AR avie

4.2. TABUA TGRS

Xt Adaptive-Lasso A2 k#7712 A (MM BN IR S S RGBT S BP #1289 2% (X 20 5 T3
AR, HBHORENRZEREE 107, %2 E 10,000 K. e Mol AF(x1). 7E R ER T L8 Ai(x2).
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Table 3. Correlation coefficient matrix of Pearson

%% 3. Pearson FA% R ¥R ME

x1 x2 x3 x4 x5 X6 x7 x8 x9 x10 x11 x12 x13 y

x1 1.00 0.95 0.95 0.97 0.97 0.99 0.95 0.97 0.98 098 —0.29 0.94 0.96 0.94
X2 0.95 1.00 1.00 0.99 0.99 0.92 0.99 0.99 0.98 098 —0.13  0.89 1.00 0.98
x3 0.95 1.00 1.00 0.99 0.99 0.92 1.00 0.99 0.98 099 -0.15 0.89 1.00 0.99
x4 0.97 0.99 0.99 1.00 1.00 0.95 0.99 1.00 0.99 1.00  -0.19 091 1.00 0.99
x5 0.97 0.99 0.99 1.00 1.00 0.95 0.99 1.00 0.99 1.00  —-0.18  0.90 0.99 0.99
x6 0.99 0.92 0.92 0.95 0.95 1.00 0.93 0.95 0.97 096 -034 095 0.94 0.91
x7 0.95 0.99 1.00 0.99 0.99 0.93 1.00 0.99 0.98 099 -0.15 0.89 1.00 0.99
x8 0.97 0.99 0.99 1.00 1.00 0.95 0.99 1.00 0.99 1.00  -0.15 0.90 1.00 0.99
x9 0.98 0.98 0.98 0.99 0.99 0.97 0.98 0.99 1.00 099 —-023 0091 0.99 0.98
x10 0.98 0.98 0.99 1.00 1.00 0.96 0.99 1.00 0.99 1.00 —0.17  0.90 0.99 0.99
x11 -029 -0.13 -0.15 -0.19 -0.18 —034 -0.15 -0.15 —-023 -0.17 1.00 -043 -0.16 —0.12
x12 0.94 0.89 0.89 0.91 0.90 0.95 0.89 0.90 0.91 090 043 1.00 0.90 0.87
x13 0.96 1.00 1.00 1.00 0.99 0.94 1.00 1.00 0.99 099 —0.16  0.90 1.00 0.99

y 0.94 0.98 0.99 0.99 0.99 091 0.99 0.99 0.98 099 -0.12  0.87 0.99 1.00

Table 4. Coefficients data of variables

4. BERYE

x1 x2 x3 x4 x5 x6 x7
—0.0001 —-0.2309 0.1375 —0.0401 0.0760 0.0000 0.3069
x8 x9 x10 x11 x12 x13
0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

A2 P i B B A(x3) SRS RN W] SCRCON (x4) s SRS BN IS0VH 2V St (x5) Tl B 7 R Bt
B(xT)EPRI 2014 4F [ 2015 AEEEIEN R 15 5 @O K OISR, TR SR N 5, KO
B IR EF I ROR -

AN T7 W BN BT S A BP 6128 0 2 T AR , 453 21 JH 7 IO 2015 46 () BB 2879.26
275, V1 Dy BP MR 43t 75 I BEOSON J2SAEL- 5 TR (B X LRI

5. SR EW
5.1. &ig

ASCAET P25 I s A b, 257 1 BN ) Adaptive-Lasso A8 S AR, fif e 045 :
FEo MO AKL, 7E IR T LB, A2 o i 8 A IR RN AT SCmE N . st fE RN 387H
e M S R[] R P AR AAE 6 TURS I N T M A BN B SR BE R R . FESRERAG b, RhERE 1 & AR
B GM(1L DK ETIEALG 2] 2014, 2015 FRIHMIME, RARYE 1999~2013 FHHE I H T BP #
22 N 28 B 1Y R AT 45 2 M 7 WP U 2014 2015 48 (1) Pt AR

AR SCAEN D7 S 7050 40 A B At b sl ST 00 J D7 W BSOS N FRASE 2, AR KRR FE 42 v T b5 A Bl
N TR I HERR 1
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Table 5. Model precision of grey prediction
35 REBHTUNBRABEXERBER

x1 x2 x3 x4 x5 x7
2014 FME 8,142,148 2239.295 7042.313 43,611.84 35,046.63 4600.405
THIAS 254 53 I I I I 53
BP b I O N
3000 T T T T )
—o— Wl
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Figure 1. Curve: system result of standard experiment
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T2 T R L5 RIS, Lyl 24k, S AFEsL R 13k A —01H, EEFE5F TR
TR, BV FRFEARE, R T AR gl 2 X &5 RS T E ERHE, e aEeE
S EEUKEE . SRR A A e AT KR, SEINEUT I BN . R, TN TR A T
TR I N D57 80 e, AR AT NBE 2 (R 27 B A sk As BasiE .

2) A ELN

A EREW AR S BOA S, A5 24R E N 2014 457 M T A\ GDP %8 1 Ji3£ 7T,
{H VIR A B e B R AR 2 A R 2 b W R I, 7E R HR L L %8R0 N\ 35 m] S REYSCN 5 T
WNAFAE R 2, BB S E AU 2 BCA RT3 BN . BBl TN T R AN W2 = IR SN
AP, A E R A, fEett b TEBa R ZE .

3) et fE R %
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AR5 5 2 M T35 o o 1 BB A, B R 20 A T R BT 7 B i X i s K fle it i R
e — TR AE AR, B R BRI WS SRS, XX BT
BREN I ERE Y. (it fmRE 2, SrRadrig ki, KRR mBUR I BN A 773 it .

4) B2 [ E B R R

PR WA ot 2 08 R B AU I, Nt 2 R I I . UTEER, T M TR BUR LR
X AT R G AT R, HE A i R A DG ATIE R GU(BRT), ARLF I Sl A EE 1B L . SR T A LAl
BHEIEAFAEVF 2 A TE B A TT, HAnIsi B R AGE RGE,  Fr AR IN #5800 JO [ B 1% 58,  Refs
REATHBATRER, Wols, AEE 2 RITEoN.

6. 45RiE

RICHYSHESL T Adaptive-Lasso BB FEEAY, T xb 5200 )N 17 I BN R TR 3R R AT A Bk 5,
5546 G2 1) A8 S PR T VA BB T A TR AN HERf DL 2 B SRR e R i R, DRI A B S TEAR
EIEFR IR R ENL T KOS BP A MG A TSR, X R R T Fe 0 R S B
DIAE,  FREDNHRS B A X B
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