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Abstract

A statistical diagnosis method based on the data deletion model is considered for the mean and
variance models with response variables random missing. It is mainly based on the regression
imputation and random regression imputation and the Gauss-Newton iterative algorithm to give
the maximum likelihood estimation of the unknown parameters in the models, and then based on
the likelihood distance to carry out the diagnosis and analysis of the abnormal values. Finally,
through simulation analysis, the results show that the proposed model and statistical method are
feasible and effective.
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Figure 1. Scatter plot of likelihood distance based on the regression imputation method
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Figure 2. Scatter plot of likelihood distance based on the random regression imputation method
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