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Abstract

In the field of quantitative investment, the multi-factor model is widely accepted and used by in-
vestors in A-share market because of its high stability and high capital capacity. But in recent
years, model homogeneity has been getting worse and investment based on multi-factor model
can hardly obtain a considerable rate of return. In this work, we presents GBDT-SVM multi-level
model based on big factor database, hoping to promote the multi-factor model’s ability to acquire
excess return in stock investment by optimizing factor selection and factor weight dynamic ad-
justment using machine learning techniques. Then, we conduct empirical research using China’s
A-share market data from 2013 to 2017 and compare the model with the classical multi-factor
model and its improved version. The research results show that the GBDT-SVM multi-level stock
selection model has higher prediction accuracy and gains higher yields and Sharp ratio in histori-
cal backtesting.
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Figure 1. The procedure of single factor test
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Figure 2. Feature structure using GBDT
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Figure 3. Rolling modeling diagram
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Figure 4. Net value chart of GBDT-SVM multi-level stock selection strategy
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