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Abstract
The wave of digital reform has promoted the development of digital communities. Grasping the di-
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rection of digital community construction from a macro perspective can provide guidance and help
for its construction and management, which is of great significance for accelerating the construc-
tion of a digital society. This paper firstly obtains the relevant policies of my country’s digital com-
munity construction from 2016 to 2021 on various government websites, uses python3.8 software
to perform word segmentation and word frequency statistics on typical policy text data, and then
extracts keywords from it to establish a co-word network, and through the k-means clustering al-
gorithm clusters the keywords, and according to the results, the policies related to digital commu-
nity construction are divided into four categories, namely community construction, community
governance, community service, and community management, and verify its rationality through
keyword comparison. Finally, Gephi software is used to draw the classification results into word
cloud map, and put forward different suggestions for the construction of the four directions.
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Figure 1. Text clustering flowchart
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Table 1. Partial vocabulary and word frequency statistics
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Table 2. Partial co-word matrix
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Figure 2. Keyword co-word network diagram

B 2. XEiRiEmLEE

3.3.4. B3

IR IR TR ™ 5 DR R] (R ISR IE R, SRS A0 M R 4 G B 4] (] 17 i 55 G B i R 43 AN T
FHN[15]. ASAEH k-means SRS TVE N FLAR AR B Hh K BRI AT SR b . N T W SRS AER K, AR
A T 900 A5 TR 5 S A g R S ] (] 6 R L B R S B4 P S R P O M R K T S NI EE B 2R
O, MR 0k £, AR5 R A AR R Bk B O B v PR 15 RO R H AR i Pl 1, AT 2
ORI E B k Dbl S, FEARSCHRA “FINE” ke BREHE Kk, “ THFE” iz 048R
FARETF IR, HAKXA

SSE:ZK:Z|p—mi|Z ®)

i=1 peCj

Hrp, C R I, p&C PRIFEAR, mC PIrERARYME, SSE ZITARAREKIRE, K
BRI . R TBUFBOREE, RIGIRZ T A AT PUR A k= 4 I 447 W R 468, Ak
ARSCHUKAE DY 9, RIX S B i) e Bl i TSR I iR 0 i 1 4 2K

4, it 5N
4.1. FELL
MWEARRE, IXRLEEORAE EY SHE A X ESHE, Hp IR & 2 116 2L X F ek,

DOI: 10.12677/sa.2022.112027 267 gt FE 5N


https://doi.org/10.12677/sa.2022.112027

PAREN o

AL EEA WL, HUORRSS . BR. FE. it BEESE, Httar i, K BURE R E IR
BN AR SS, BB s A A X I ek .

BExp e —2RE5 R, ASORIE SR RS A0 EHEAT 2 L, RS 2R, Rk L T .
“RGL” AR X BRI B S B B A, BRIHCRZ I SO X R T s R, R
HAb=2KE O 7 “AEDGREL”  REXRSTT . “REXEEL .

VU 45 R 2 in] 2= B an 5] 3~6 fros:

Figure 3. The first category—community bundlng word cloud figure
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Figure 4. The second category—community governance word cloud figure
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Figure 5. The third category—community service word cloud figure
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Figure 6. The fourth category—community management word cloud figure
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Table 3. Thematic analysis of digital community construction policy
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Table 4. Word frequency statistics for specific policies
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