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Abstract

In the high-dimensional data, it is easy to have collinearity among data, which leads to the immea-
surable of model parameters. Therefore, eliminating multicollinearity is important to discuss prac-
tical problems. This paper takes the consumption level as the research object, uses VIF to judge the
multicollinearity of the data, then carries out principal component regression(PCR) on the observa-
tion matrix based on SVD to eliminate the multicollinearity among independent variables and builds
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the linear relation among the original data. The state gets local development status by the consump-
tion level of residents so as to formulate policy more in line with development. Thus the study has
realistic meaning. PCA based on SVD simplifies the calculation of eigenvalue and contribution rate,
and it can avoid the possibility that important variables are deleted to use PCR to eliminate the col-
linearity. The result shows the relative error of the model is small, so the model obtained by this
method is reliable.
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