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Abstract

Machine learning has significantly made progress in the researches of strong convection weather,
but there is little research on the prediction of short-term fog. For this problem, we adapt the
model of neural network to solve the problem of short-term fog prediction. Firstly, dataset of dif-
ferent short-term time is established based on the meteorological definition of fog and non-fog
weather. Then these data are inputted into neural network to train and develop the corresponding
short-term predictive model, respectively. Meanwhile, we use some test data to test the predictive
performance of the model. Eventually, we use the meteorological approach—TS Score to validate
the predictive capability on neural network.
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Figure 1. Comparison of various recall rates and average accuracy at dif-
ferent short-term and imminent times
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Figure 2. TS score changes at each time on January 12, 2019
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Figure 3. TS score changes at each time on March 2, 2019
B 3.2019 4 3 A 2 H&RZI TS 745

""" TR e T 1 /NP I 2 /1N = = = T3 /NS

5:00 6:00 7:00 8:00 9:00  10:00
I ]

Figure 4. TS score changes at each time on March 3, 2019
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