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Abstract

With the increasingly severe form of population aging in my country, diabetes has become an im-
portant factor that endangers the health of the elderly, and blood sugar detection is an important
means of blood glucose control. Based on wearable devices to collect blood glucose data and use
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artificial intelligence technology to achieve blood glucose prediction is the future development
trend. This paper firstly summarizes the methods of blood glucose data collection, introduces the
characteristics of invasive and contact collection, and then discusses the preprocessing method of
blood glucose data of wearable devices, and analyzes its advantages and disadvantages, and then
summarizes the domestic and foreign blood glucose prediction technologies, and finally discusses
the problems and future development trends of blood glucose data collection, processing and pre-
diction technology based on wearable devices.
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Figure 1. Microneedle-based wearable blood glucose detection device
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Figure 2. Invasive wearable blood glucose monitoring device
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Figure 3. Contact wearable blood glucose detection device
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