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Abstract

In order to solve the problems of poor visibility and color deviation in low light environment, a
low light image enhancement method based on Retinex-Net network was proposed. The residual
module is added to the decomposition network to better extract image information, and then en-
hance de-noising and fusion, and finally output the enhanced image. Experiments show that the
enhanced low-illuminance image with enhanced brightness, prominent details and small distor-
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tion is real and natural, and the algorithm is superior to the original network structure in terms of
subjective feeling and objective evaluation indexes.
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Figure 1. Network structure diagram of Retinex-Net model
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Figure 2. Residual module structure diagram
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Figure 3. Decomposed network structure diagram based on
residual module
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Table 1. Experimental environment configuration
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Figure 4. Comparison of the results of a comparison experiment in the LOL data set
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Table 2. Evaluation metrics on the test set of the LOL data set
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