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Abstract

Aiming at the problems of low detection accuracy and low detection performance of existing dis-
play anomaly detection algorithms in mobile applications, an object detection model based on
YOLOX was proposed to detect four common types of display anomalies. Aiming at the problem of
missing detection and missing detection of small abnormal targets, the input scale of the feature
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layer of the feature fusion network is extended and the feature fusion is performed. At the same
time, a detection head for small targets is added to improve the detection ability of small abnor-
mal targets. By introducing the coordinate attention mechanism, the location information and
channel information are combined to enhance the recognition of display anomalies. Finally, the
GloU positioning loss was used to achieve high-precision detection and positioning. Experimental
results show that the final mAP of the improved YOLOX algorithm reaches 81.10%, which is 2.25%
higher than that of the YoloX-S model. At the same time, the improved detection model has good
detection accuracy and model generalization ability compared with other mainstream models.
This model lays the foundation for intelligent detection of mobile application display anomalies.

Keywords
Object Detection, Anomaly Detection, YOLOX, Mobile Testing

Copyright © 2023 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 5|

F P 5588 3o SR 128 B i B A P ST (Graphics User Interface, GUI)SZEL, Ff A ¥ H AT N L
RS F P 6k N R =[] B sh & AHRE RGN 2 R0 S BUEA RN & BN T GUI I
ST . CAES. SRl BAsKRSERMRR[2], WK 1 PR, WEEAKK Y, Aff
W R ERRE, R BRI SORBAM R WA IERS: CAREZ R, RIS 07 H I E
BIFEZ MG, SRTERY, ERIOVERSCRHE null EER. BAskms, EERF KRR
H00 o T LM 2 Sl s e R 2 KB VIS TR A0 N g B0, N DRl 5 450 AN R] 1 52 .7 ATF3)
PN R 2N, B EERERGRA . PR R RNER R, FR, GUI —LufEx}
BN B AR, EF TRt 20 2% . [Rltk, R s v A s 58 s il 2 32 = 2 3l b
FH WA A0 36 1) B ) 2 —[3] [4]

[ s e s i e« nnnnt 1o +9:0uw

= Desafio Mundial Rever

Jescription

Figure 1. Example diagram of mobile application display exception
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Figure 2. YOLOX-s network structure diagram
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Figure 3. CA attention mechanism structure diagram
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Figure 4. Improved YOLOX network structure diagram
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Figure 5. Sample distribution diagram of data set
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Table 2. Results of ablation test
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