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Abstract

The short-term load forecasting is of great significance for the power system operation. The fac-
tors such as weather, load data and average load before forecasting, etc., have been used as the
input nodes of the neural network, and the output load value has been used as the output of the
network. In this paper, the BP neural network is applied to short-term load forecasting, but the
training effect of the network is influenced by the initial weights and thresholds, and the genera-
lization ability is poor. Because of the advantages of fast convergence, good robustness, the Dol-
phin Partners Optimization Algorithm (DPO) is applied to the BP neural network weights and
threshold optimization. The practical experiment results show that the results of DPO-BP are su-
perior to the results of PSO-BP.
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Table 1. Input variables and output variables
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Figure 1. The topology of the BP neural network
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Figure 2. The process of dolphins foraging
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Figure 3. The chart of DPO-BP algorithm for short-term load forecasting
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Figure 4. The 24 hours forecast comparison of the two algorithms
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