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Abstract

Compressed sensing (CS) theory has attracted a lot of attention as an alternative to the current
sampling-then-compression method. Relevant scholars have proposed many CS recovery algo-
rithms such as CoSaMP, etc., and the noisy compressed sensing model can be expressed as an
I;-norm problem. Since it is difficult to judge the finite isometric property (RIP) of the matrix and
the uncertainty of the observation matrix, consider modeling the /;-norm problem as a distributed
robust optimization problem, and then use KL-divergence, function transformation and internal
maximization methods such as the expectation function obtain equivalent forms of distributed ro-
bust optimization problems.
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