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Abstract

Establishing user behavior models based on clickstream data and analyzing user characteristics
are the basis for companies to develop accurate marketing strategies and provide personalized
recommendations. Firstly, based on the traditional dynamic user behavior model (CBMG), this
paper proposes an improved user behavior model that considers both page type sequences and
behavior sequences to fully reflect its behavior patterns from user path preference information.
Secondly, the user session is clustered based on the behavior sequence and the page type, and the
session categories of different behavior patterns are obtained. Based on the Markov chain, the
dynamic model of user behavior state transition is obtained among different conversation types.
The research shows that the state transition patterns of different types of users based on the im-
proved dynamic user behavior model are significantly different and have higher interpretability.
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Table 1. Meanings of important features for browser log
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Figure 1. Page type distribution map
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Figure 2. Behavior type distribution map
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Figure 3. Diagram of session sequence
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Table 2. Coefficient of cluster evaluation index
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Table 3. Feature summary of classification
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Figure 4. CBMG for the whole session
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Figure 5. CBMG for the marketing-driven session
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