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Abstract

According to the modeling theory of quadratic exponential smoothing forecasting model, the mod-
ified grey forecasting model and BP neural network forecasting model, combined forecasting
model of the aging of population is constructed, and it is concluded that both within and outside
the sample forecast, combined forecasting model has better forecasting effect than single models.
And then it uses combined forecasting model to predict the level of the aging of population in our
country from 2017 to 2022, the forecasting results show that the future of aging problem in our
country is increasingly serious. Therefore, it puts forward four suggestions: First, appropriately
improve the birth rate; second, vigorously develop the aging industry; third, promote the process
of urbanization; fourth, deepen the reform of urban and rural pension systems.
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Figure 1. BP neural network topology
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