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Abstract

Image question and answer is one of the main directions for the successful application of deep
learning in the field of computer vision. It has been widely used in artificial intelligence, natural
language processing, image recognition and so on. The accuracy of the image question and answer is
not only related to the design of the feature fusion module in the image question answering system,
but also related to the degree of matching between the image feature and the semantic level of the
question feature. In this paper, the text features and visual features of the image are first combined
as the enhanced features of the image. Then, the text features are extracted from the question, and
then the attention mechanism is added. The enhanced features of the image and the text features of
the question are merged, and make answer prediction for fusion features. The experimental results
show that the proposed method can solve the problem of mismatch between image features and text
features, and improve the accuracy of the image question answering system.
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Figure 1. Model architecture
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Figure 2. (a) First layer convolution map; (b) First layer pooling feature map
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Figure 3. (a) Convolutional feature map; (b) Pooled feature map
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Figure 4. Text examples of images
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Figure 5. Question feature extraction flow chart
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Figure 6. Focus map of interest in the visual attention mechanism
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Figure 7. Image question and answer example
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Table 1. Results of each model on the dataset
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model yes/no number other overall

Prior [11] 61.26 0.40 1.26 26.13
Language-only [11] 67.88 30.59 29.13 46.21
d-LSTM +n-1[11] 72.23 36.20 39.68 56.27
Our-1 78.82 38.56 51.26 59.86

Our-2 83.37 44.29 55.39 63.45
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