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Abstract

As a brilliant pearl in the crown of ancient Chinese literature, Song Ci has a high degree of literary
achievement and appreciation. This paper uses Python’s BS4, word cloud and Jieba function to se-
lect and sort out nearly 10,000 poems of Song Dynasty, the key words with high frequency are
picked up by using text mining technology. According to the statistics, 5 natural landscape words
with high word frequency are selected for emotional analysis one by one, and the corresponding
emotional index is obtained, and the corresponding visual semantic network graph is further con-
structed. Through the research and analysis of the natural landscape image and the emotion con-
tained in Song Ci, the conclusion shows that the semantic of different natural landscape entries re-
flects different emotional factors.
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1. 5|

WA AR GO B S, B B s R Rk —, SRR T RIS, I
PG E — A% B S 7R R K A (1] RS E RERERE . &, BEREE. BER2HE. B
BRARSESERHE . RIS M A%, HhS BRSO S48 T AT/ B E . AR A R 2 1B
SHE R, NSz P LS| B O E S A s A, BRATE R NER . AT
BE HARFMMENESE, BT REERINER SR BT X RN SCARIZIR S BR300, A
FARTF BRI SR, (R R FRA Tt o A (R 4 5

W FRIAEE R, WILFE, EGRSCAR M 5 AR MR ) BT A AR SCAR H T R ARGt v 734 .
Python i& 5 #2it 7 Beautiful soup (BS4)%¥i#E /€1, Word cloud LA 2%, Jieba 7 2570 Mras KB oA
HERM M TR, 7B MR K ESCR T 2R WGt i o Hrss el .

ASCA$H Python 1) BS4 + Wordcloud + Jieba TigE777%, 1&H T 10,000 & ARl #AT SCAAEEE . 142
HW A 5 AR SOUAE S L P 1R SRR s TR, SR I8 I 1 4 A BTk i nT AL AR I, sl B e Y =
BEIBEEA], SR AT SOUARFIE S S RIR, 45 X R 1 B TR AR . SOt AT R I A R R,
R I ST TR SR
2. MMRFESER
2.1. FHAX AR ATITYE

RIR2PNA, WA SCAR A Wm0 S0 S ZARME, 5 HAR D 50 SCAM L, Rrinl A REARE K,
BRI, FSCREERYE. EREIEW . R B SR A . SRR T
KEGRMOFEMIAE, FAES T UL CAERER. AT EFHTRIE AN R, FEARRZ HAS
RN, BHMSBREN TR . MRS SR AT, 8 BT IR T A AR (1 B A,
o 4 ot R A B L
2.2. FHASCAIRE 53

ST R SCAI T R — I B AR S RS, 1 S AR e g S B R AE A R A SOAR, SR U
W= 1) ZRE] SCA L A I (] 5 T8 U — B s 2) SCARFRIR R B A AR oM BRI R 23 () 1) 4= 5 1 3) SC
RS FOUW G185 BRHE AR X N . ASCEIUST GONAR R, TR JG, B ArE W SCARR|
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RIS 2 48 T RIZ AT T AT A5 AR R O R AR, WA SCARHEAT 70 3m] s v Bir s sitalgeit. 5%
HRPE I S5 1A ORI, AN[RIAIE T VR A R G2 i 1) B SRS Ao T Rpial Jg T ib BUE, ANRE%
A B RDUE HEAT /A A, DRIHCRIUMAR 26 5 a2 25 107 20, DA st R v i) o i
ERF. GG IS I, BRI A U R B R 22 ) SR SO0 1 IR

2.3. WA A HTHY B R R UHFE

7SR B ARFOAMR IR, W (PR . AR, MEASIAN. G0,
MM B RO SRS ZEMFUSE. N R EITRA, WAL 2“8
HRIB S, 6 RCERCE” N RPN RRE ", 2] “DplRE, Bk H ", SRR
S RS ARrE), R AADUESIE R L T 5%, BAPE SRR, FTH O,

CAARR A, ] SCASNS B AR SFOW AR R+ 20 0. MWROWA FER, RS @ ) Bk
MSE R R BRADUE RS, W “BA” © “ME” « “O587 “BM” & RN ta s s
MISOLEZ, W “ IR “UK” R AR, DARFET SRR, RS . KB
UbAh, BT AR LA, VLR 5 v . Ul SRk 1).

Table 1. Characteristics and expression of ancient poetry text

= 1 HIFFANARRHIES Rk

RHAIE IR
gax//ReL ] HH. M6, 5. Bl
MELSHE R, K AR AR
FH 5 [A] FE. KR HE HFR
75 SEh i LR VLR, POl L. Kt

2.4. FHECAGHTRAR

2.4.1. Jieba AR

EN TR BRI IE B, SR e R 3 ARE S A0, 70l 2 E AR 55[3]. AR5y
HEASE Python 1) Jieba 73 ialas . Horia Sk SR 3T argdin g i d B, A i eE
B TR G TRl TR, PR B R A i R 2R Bk A%, R R TR e K1 s Tk
A, R TR T IUFEOARE 118 HMM R (18 ] Viterbi 520922 00043171 [4]

Jieba 731 A =M AR 1) AIRI,  ATRMESCASKERAIY) 7, AAETUAR ], BodE AT
Ko 2) A, ATRAESCRT AT AR IAE AR R, (EAAEIUAR, AR 3) 55
B, SRR E X HORTERT V), IS SR TR GIEEMAS]. & 2 2= s
gERL, LA U, EERER. 7 GEETE GRIECK) YuBl, =R oaiasiit aim st RoaHA:

Table 2. Experimental results of three word segmentation modes of Jieba

% 2. jieba ZHA IERIORI AR

[z ghR
ARG jiebal = jieba.lcut ( “HIH JUI A, HEHEHFR. )
FErat =l 7 - X
ﬁ\i‘ﬂ%% [ “EIH” “J_LHTJ ” “ﬁ” , “TE?@ o« I‘ﬂﬁ?&” ]
R jieba2 = jieba.lcut ( “MIH JLIA, B RHF K. 7, cut_all = True)
Ex =Y 7 - X
ﬁ\iﬁj%% [ “ EEH ” s “J‘LH# ” s “ﬁ‘” s ((TE“(@ ” s “ ID]?E?%H s “?53% ” ]
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Continued

e jieba3 = jieba.lcut_for_search ( “HJ 7 JLI 4, HEHIHF K. )
ﬁ\iﬁj%% [ “ EEH ” , “J‘LH# ” s “ﬁ” s “ TE,‘(’@ ” s “ FE?& ” s “ I‘Djﬁ?i ” ]

R R

ST AW H K, A SCRE) 7 a2 O i o

2.4.2. HAEHEAR

V] 25 RN SR R IR B 1) “ R DA R B [6] . FE 1] 2= B, ANIR] R 1] DLAS []
BRI, A FEHAAR B AN A 55 %R, 35 Rl s in = B, o] BURE 1 ScA
MR A, & SCAREE P RRAY B —Fh i FH 7 =K

AR Python 1955 =75 % wordcloud JZE 5K S B iA] 2 B 1 22 il

2.4.3. BXMESFRARE ROST ]

T SR 288 — P i i AT 5 R s M & B R B 2 G5 MR 75, RO [T1, FERIB IR
HABSAAESL RIS . B2 fa i SO 2T DOE I A il — A RIBES b ], PR
FIB I SR R A B AR DS TEIRAL AR AR SRS 1) I S5 A4 ] DUSE A M o 1 SR 5 RO 58, AT
T ML BRI SRS 5 AT

ROST CM6 & IR AL FH A W A it i), SET N EFEH, A NSOk SR8 it e KRR
RIS EF G, THTIIRAN &SN BN BT BT 1E ST, 18U
2% 93 25 22 TR K TN RE -

AICIE ] ROST CM6 Hift K H 5 47 [ Net draw JeiifF A i SO 26 B EAT 1 SCRA2% 3 A, i i S
L PTIEN HOR ML S ORI SRR R, A AN F I BRSO R B R R .

3. URKRFHAAEANEREZND
3.1 FREBUERBIETAE

ASCCAARFARIF AR O B, SOR BRI TR IR E T AR K 4z Rk, R RIS 2
RACHTA AR 3o A python BAFIUBCR B A R SO AIREAT AR B . AR It o, ARACEFA — 3447 20
JIARE, ARSCERBUMEERT 10,000 EARAFHAMEAEERAEA, HAH jieba PrHdRra T e, A
PR L AP IE R R AR R AT 5 Bk Biln, ZRIEREIRA) “CRILE S BB, TURAEIARG, %2R
o RNGEICRAL” , G BIFEEI A )G, SR BT o “HET . U7 . CHEET . %
JR7 0 CBRRT LR 0 RN L SRR L CTRAEY AR AR BRI SRR AT EAS A,
PR ANER 1. et oA A L A R 2 R, B 3 65,532 Al ASCRIH] python BRAFZR IR
REFARE = 8, 7T DA AR s R Z S . WA= BT BLER], “IIE” . “Ik” . “HRR7
“HEN SR MBI, 0 1 (A LA MD R IR R AR B ARA R SR = ) o

AL et

Figure 1. Cloud map of poems in song dynasty
1 RRFHAAEE
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AR5 15 ) 70 1] J AR TE AL BT AT 5 60 o EH BRSO DURAA 52 I (0 AR 00 “ AR
CER LB L CHEE” M SR SR, AR AR RN SCR B 299 WX, T “HEMX
—ia B 275 K. AR, BATEARDIARFR L2 MRREGEDy “HB7 o MR o CRET St
AR, AR —REREAN R SCE B 139 Wk, T “EEmT B 117 K, RS, R
SCE A i SR LR 3.

Table 3. Part of words and frequency
= 3. Ehorim RS

T P 1] 7 Elag 1] Pk P 1] Pk A 1] B
1 N 301 16 TN 181 31 ik 129 46 RF 112
2 %R 299 17 WA 173 32 TR 127 47 A4 112
3 UNE 294 18 [EFS 172 33 Mz 127 48 AT 112
4 EH 275 19 AHIE 170 34 LB 125 49 3] 112
5 JiH 263 20 Mt 169 35 =B 120 50 TR 111
6 YLF 236 21 [HON 157 36 AR 119 51 [7/%ia 111
7 TH 234 22 1) 156 37 4H 119 52 K 111
8 [P/ 233 23 il 154 38 Al 118 53 YLl 111
9 RN 227 24 4 142 39 b3 117 54 FSCR 109
10 X, 213 25 R 140 40 f&n% 117 55 [EEiR 109
11 R, 203 26 AR 139 41 NG 116 56 [N 108
12 T 199 27 PN 139 42 fi[ = 115 57 TN 108
13 R 199 28 FHHE 134 43 —5 114 58 RAE 107
14 i H 189 29 [l 132 44 RA 114 59 — K 107
15 [E)E) 181 30 b+ 130 45 +4F 113 60 L 107

3.2. BRARURRIW

T SCAR RIS T, A SRR T RS R 5 N HAR SR T R R IO . 15, i EXCEL
S SCARHEAT IR, SR A E AR SIS BRI AGAEA) . SRS, KU SN ROST CM6 3347 1% %
38, FIF Python $2HCE A4, JFIH ROST CM6 FRil# I T . Net Draw, #J% H AT AL ITE S5 1 .

Table 4. Results of emotional analysis
=4 BRROTER

SRS =9 ETH i i
ER 43.62% 14.54% 41.84%
HIA 39.30% 12.46% 48.24%
76 2, 42.73% 11.36% 45.91%
J5HE 31.85% 19.26% 48.89%
K 40.61% 13.33% 46.06%
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Table 5. High frequency words related to natural landscape
= 5. 5ARRYEXSMIE

o R R PR, L Wi

e AR E] e f ] e fE A e ] e ] e
1 [EP/S 13 I+ 19 UNLH 14 A 15 il 12
2 % 11 L7 17 TiE 14 I+ 11 RHBA 10
3 i 11 i 16 WER 12 RIE 10 Hz 10
4 +H 11 T 15 [/ON 12 FNA 9 FiE 9
5 FIE 10 Bt 14 /e 11 AL 9 TH 9
6 M 10 e 13 " H 10 R 9 HR 8
7 N 9 NL 13 FER 10 37 8 AL 8
8 T4 9 )] 12 R 10 AHA 8 [Eh=y 8
9 b} 9 % 12 HE AR 9 KIH 7 PN 7
10 S 8 5 12 E=) 9 L 7 ik 7

3.21. &R

WS A BT 0L R 4), 15 “HRIR” — ARSI AT IF TR R4 5 TR IR B . HRA
RS 5) iR RS AHTIGER(E 2), R M5 N7 P47 L AT L T
S HEBL, T R Rt AR R B B, AR 5
HEE” R LRI SRRSO, B “RRR R AR A I 2 2 S B
o RN, AR MENBRIRAEZ —, WS P L7 I <L 7 TR AR IS

[t
|7
BeAk
[t
Figure 2. Semantic network analysis of “chunfeng”
E2 “FR” HIEXMESHE
3.22. &R

RAETE B M ISR, 5 AR — TR S B AR I B S 1 R B e, W] “ AR AR SRR
PR — DN E R MR IR R 515 NS BT gs ROLIE 3), “ZRI7HS “Bil” . “FE7 .
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Figure 3. Semantic network analysis of “dongfeng”
3. “FRR” HIEX MBS HE

3.23. @R

WRAEE BTSSR, 5 P97 AH SRR ] ) ST 7 TR o v T A rh i A £ AR e i) 2 57
XIS HTEROLE 4),  “PORA” 5 “E” . “BE” . BB L “SERT L MY SRR
FHRAIAE R, B “PIR SHERACE. FN, “PR &5 “RAf7 . “THR” . “HR”
SATREMISRIIAITE, LA BN L “BIA SRARE B T CPER HREE R NI 1

Figure 4. Semantic network analysis of “Xifeng”
4. “ER B9TE XL HE

324 BHE
R EATHILER, 5 “I75” — 1AM A AR f i 5 ER Sosm, W “ 7R R R LR
I —NER . RAEEIAR 51 XM B Ira ROLE 5), “FFH” 5 “FUE” . “BHE” . “SH7 .
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“ERT CRR SRR IR R R, T “OTE A TR G, FE, “9FE
SRS AR . R L CSRET . BT L el Al S RO 4 IR TR R B,
“OFELYCERGE NRUY, SR TE0EE R B

BT e

MG
HE
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e
T
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AN

-

L)

T

..%%
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@ e
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Figure 5. Semantic network analysis of “Fangcao”
B 5 “FE” WIEXWNEIHE

3.2.5. fK

R HTHILER, 5 “HK” — 1AM R A AR B i s B R B m, M “WK” R b
BRA NS —MNER . R PIaR 515 NS BT ROLE 6), “WK” HE “HE” . “F
[N ¥ (AN N il G n v/ T / CVUS E HE e PN N GNP S il AN T
“POKT T COME” . MR L BRI E IR SRR MERGR, W] “RUK” MAFT
TR AR, SRR

Figure 6. Semantic network analysis of “flowing water”

6. “HK” BIEX S HTE
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4, RS

I SRR T RSO ER  E Fir AAE R A1 JEEAT W T 0 AT, ASEUAEA FRA TSN G 3 AR A G 41 4
SCARGREEL, A0 AR SE T AR A 152, (RIS — e R Bt 5 A 2 AR 8 g S S B 5 Y
AR o AR SCEEXNS RAR AT SOASZH A AL b, % B AR SO0 AOARFAE BA SR A A BG4 0 175 S LA
oM, TR, ESEEFCRCR, B AR LT

1) “HFR i, Rpis Nk BT, SFIERIRGE. R P AR X RAEEE S S5 AR B DA
SR N FERE R IR 2 1 o RS BTG, AT HE I S “WikHFER" , “HFEXEE . “HFR
P SF AR . A, X T R B SRR 5%, G« e 20 R
AR T SCETF IR HERE , A BEBAREL 7 NG BT

2) MRAEHHL K CAD & CG [ 5 H i S & i KB /A [8],  “ZR K —IalfEARAA LI 1
1264 k. fEILZ, “HRN” BEARFFERRN, RAERE. SR AEESRAMA AR KCRSEHLA CHZ A
fio SR,  “ZRX” BRI BER AW GAER R, R IE B AR B0 R BR A A . 4
AR RN i, BRI b, BRI R BT TR RIE WA — 3 AT
HUMAE “ARM7

3) “PHR —iAfE T R v R AR, R B R FATRRER A HIETIRE S . A
PEF, Wi NAERIE. “PER 5 @7 MR, FFEL “Wilp N7 45F, TEARIL A AN G4 8
O o FEBRIRAT “PHX” —1i E2ARAEH, (HIEA “P9R” BT EFR T AR
e BEMELIIM (EE) FHRE “ AR PERISEIZRR, w2 R RUSEPE R PL— A R R TE X
Al S R B R Co AT R AR RO (0 8™ 5 5

4) “IFE AR AR RS S BERARENMFER NG, HA5REELS G LR
Z, WS WASAK TR M2 U, T2 R e AR AR e S AR
T OO T RS AR T e W DACER BAT A A SR R N

5) “¥WK” —IEEAZ IR A WRHAEH] “HK” BIABORFILAANNRE 22, BikTeik
Toike MIIFEAE “ BB TRT IR FMER “HUK” REEHETE, BIHBERAE. IS IAT “H
K B AR S A ERORMIXO . UK BUAE RS AT DU e I i sl — T AR
FAERE, AT RUES “YEAEA R, HUKTERE " RIS 75 T (AN S .

5. 45RiE

ARFITFA AN, B AR AR P E A AR AR LRI P S . WX e, SRR S T S,
HERFAMET, FFkfet. KOIO]E U, FERFAR R E A SR T 2 [E A% G SO i B S IO
PR RIRG o ARIF TR RO, 2 B2 EHEBRIIER 2 — o RER[101IAN, A4 5% ik
R EE S, TS RRATRE A, AR ORI RrIE S BRI S NPE AT 978 AR 5, WA I iR,
WUIRBEAFEL, AMUBGE T L AATHIEEE, RN 2 — MR Z . JRATFEAR 2 AR SRR ik 7 I [R]
I, WS TEEA, PHEIRYR. R ERERIB RN, G3ATHR TR RHAT Bk

AFRE UAERSE S TETTT, ARSI AT 2 AET KA 1 Python ) BS4 + Wordcloud + Jieba <5562 1)
REHEACEE TR, HTUBCHE IR A vy A O AT EAT A ORTR] (1 SRR T, 5305 B A A3 A Bl m] L B
P, X SORSZIR, FUh T T ORIE I B IR SR G S S R 15 AR [R]A T AR AR R AR
TR SOMR N — IR B SR MG o XU R LA R R R L, o BN BIERIE S
AR AR LA EANOTE R . EANEE N, FRRR N2 i AR RIAX — I 2 il

DOI: 10.12677/ml.2020.82038 287 WARIE & %


https://doi.org/10.12677/ml.2020.82038

BRo 45

E&WHE

AW AFRN T E T TE KB 2019 4F “ AU Python W 4544k 70t 7 I H 1SR

SE 3

(1]
(2]
(3]
(4]
(5]
(6]
[7]
[8]

[
[10]

M. R g rp A v 26 A8 SR 3R 78 [D): [ 22 A0 SC]. v 2e: B4 TE k2%, 2019,

SR, AREE, RGBT SORTSIR Al XN SCROWAR R L[], RS E K, 2019, 26(12): 52-57.
ARTCYL. HE TR 2 ST SR S T R [D): (W22 A Sg]. K% KiEHE Sk, 2018: 56.
FER, KRB 4. Python 3888 (13017 517 = HFE ], BURTHEALCEEMLAR), 2018(34): 86-89.
YT, TREL. FT Python JEHEIARSLINI]. BMgm et Iy 5454, 2019(9): 18-20+41.

Rt e, B Jieba F1 Wordcloud FE (1A = Wit S R4 [I]. #agk B, 2019, 35(6): 25-28.

Wy, gk, BorE 1B MR BESIURI R D], B AR, 2019(6): 102-110.

TRER, WESE, P, A, BREH, BN RETHRGEALA: SCARRBRS I L4 0], vHE VU B
5 R 2244, 2019, 31(10): 1687-1697.

FKE. EREARI T [I]. SR K R (2 B AR), 2018(2): 33.
RBR. TR AR RIS (W 3k e 2 R R [J]. WM IMTE 22 Be 279k, 2019, 41(3): 62-70+103.
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